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Abstract

This study examines how large language models construct pragmatic identities and manage rapport
when responding to the educationally and professionally sensitive question of whether Al will replace
teachers. The data consist of Chinese responses generated by ChatGPT, DeepSeek, and ERNIE Bot
(Wenxin Yiyan) under the same standardized prompt. Treating the responses as algorithmically gen-
erated discourse with quasi-social interactional functions, the study integrates pragmatic identity
theory, rapport management theory, and appraisal-based discourse analysis and employs qualitative
close reading supplemented by lexical-item analysis to examine self-positioning, stance-taking, modal
mitigation, conditional framing, alignment, and reframing. The findings show that all three models
reject the strong claim that Al will completely replace teachers, but they organize this stance through
different identities. DeepSeek tends to construct a technical-assistant identity by stressing AI's instru-
mental role and its limits in humanistic education. ERNIE Bot adopts an educational-observer identity
and foregrounds institutional conditions, educational equity, data security, and implementation risks.
ChatGPT constructs an educational-researcher identity through conceptual distinctions and struc-
tured reasoning. In rapport management, the three models commonly mitigate categorical judgments
and reframe the potentially threatening notion of “replacement” as “role transformation” or “human-
Al collaboration”. These patterns indicate a tendency toward normalization and harmonization in
LLM-generated discourse. They may be associated with instruction tuning, preference alignment, and
the prompt conditions adopted in this study, rather than autonomous model intention. While mitigat-
ing occupational anxiety, they may also weaken critical attention to platform power, educational ine-
quality, and responsibility allocation.
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PLKTE 5 B (large language model, LLM) NARR A sl AN TR BB IEFERE N FUA Sk . #0530 HE
o) SRR AT AE SRS IR A8 T UM B R AR — 0, A ORI 2 b R e R G
Bi5e . HORBEHHRTHIA R TR AL S0, H “ALZ R BUREIN” &AL M. Bk B
WHARDIGE, IRZH WIS 3. ZERE AN E LA ZE ASPER PR,

MIEFZMEE, KiESHEMIEARZESINEBARTHE . B E i 5 I8 FR. PP
Kb MESEFARIES M RIS, IR IE BRI AR Sty . Sy IR AR SE 50 [ E A 2 b
2%, MMAALE B ANl & IR AL U AN AR A 2 AL 1] U AN TR R ANEE AEE, &
WU B S AL E . AR PP . AT E BRSOk RYES 2 (B EUS-P AT, (8RO ES 521
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BT NER G ISR, ALHE B fia A T N R R 15t 54 5% 2] (reinforcement learning from human
feedback, RLHF), W45 BT (A A 460 H SE A7 & P S BN B i, FFAE LSt S/ 5 5571
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Table 1. Pragmatic identity positioning across the three models
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Table 2. Rapport management strategies in LLM responses
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