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Abstract

The bank’s existing anti-fraud system is mainly based on expert rules. There are two major pain
points in preventing new fraud methods and fraud situations: one is the failure to identify indi-
viduals that are normal but belong to group fraud; the other is the lack of risk transmission in
prevention and control. Based on this, this article carries out research on the anti-fraud system
based on the correlation graph, expounds the underlying logic and application value of the an-
ti-fraud system of the correlation graph from the aspects of the underlying logic, construction
principle, method path and application value of the correlation graph, and further explores the
precision in marketing the application prospects of modernization.
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Figure 1. Schematic diagram of association graph
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Figure 2. Schematic diagram of group clustering
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Figure 3. Schematic diagram of unicom submap
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Figure 4. Schematic diagram of LPA
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