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Abstract

Background and Purpose: Taking the youth group in K city of Y province as the research object,
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this paper analyzes the influencing factors of the purchase intention of the youth group under the
live broadcast with goods by using the statistical questionnaire and data mining technology. Me-
thod: Through the design of questionnaires, we are dedicated to transforming key factors into
specific questions. After distributing the questionnaires and collecting data, we preprocess the
dataset by cluster analysis and feature engineering in machine learning. We then use a logistic re-
gression model with L2 regularization terms to analyze the data under different processing strat-
egies and verify its effectiveness. Conclusion: This paper obtains the optimal data preprocessing
strategy through model analysis, and explores the influencing factors of young people’s purchase
intention under the environment of online shopping in K city.
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Figure 1. Theoretical framework
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Figure 2. Gap statistics (left), mclust package clustering analysis (middle), Calinski-Harabasz criterion analysis (right)
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Figure 3. Systematic cluster diagram (left: longest cluster method, right: class average method)
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Table 4. Variable clustering table
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Figure 4. (Left) C-value—cross-validation score plot; (right) C-value—model prediction accuracy plot
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Figure 5. Clustering Dimensionality Reduction + Embedding Method—10-fold Cross-validation Score Graph
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Figure 6. Number of selected variables—10-fold cross-validation score plot
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Table 5. Ranking of comprehensive importance of variables
F=5 TESSEEMHSE

AR X2 X3 X4 XA LL XA_2L XA _3L X11 X12 SEX X113 X15
AL IR 4 1 5 1 1 3 2 1 1 1 1
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i, BN UIE MG R SERER D (CZUIEZWAEE . IRE RS ETAN) . W% B 7KK EFE
LYE TN =¥

4.34 BRBEBHEIH
BT =P FIEEE TG B U0 T OB G, B R A SR bR i 6 P

Table 6. Model cross-validation score
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Table 7. Summary of model prediction analysis results
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R IE ST AR =R B TIN AR =R
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P, AR ELAR RO O U 8 o o

Table 8. Model coefficient terms

8. RERHIM

A HE coef
X3 0.6061
XA_1L 1.6727
XA_2L 1.1256
X12 0.8582
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