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Abstract

Amid deepening SOE reforms and rapid digital transformation, developing young employees faces
three persistent obstacles: opaque ideological dynamics, homogenized pathways, and lengthy train-
ing cycles. This study proposes a knowledge-graph-based framework that decomposes training tasks
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and performance indicators into fine-grained nodes. Using real-time data, political affairs special-
ists match employees with mentors, courses, and rotational assignments to build a dynamic, three-
dimensional profile of ideology, capability, and development, while implementing dual closed loops
for training and performance. Field experiments show that, without additional budget, the frame-
work shortens development cycles and concurrently enhances employee competence and organi-
zational commitment, providing a replicable, scalable paradigm for digital talent development in
SOEs.
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Figure 1. Ontology core classes and relationships diagram
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Figure 2. System architecture diagram
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Table 2. Resource matching weight example
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