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Abstract

In response to violations such as duplicate billing, itemized billing, exceeding standard billing, and
irrational medication use in the utilization of medical insurance funds, as well as the technical chal-
lenges faced in cost accounting and grouping management under the Diagnosis-Related Groups
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(DRG) payment model, this paper designs and implements a hospital medical insurance intelligent
monitoring system based on big data and artificial intelligence. The system constructs a rule base
for identifying violations by integrating multi-source heterogeneous medical data and establishes
a violation risk prediction model. The system interfaces with hospital information systems such as
HIS and LIS to enable real-time intervention in doctor’s order issuance and cost accounting. Prelim-
inary pilot data shows that the average monthly number of violation reminders has decreased since
the system went online, and the accuracy of DRG grouping has improved. Preliminary evidence sug-
gests that this system has the potential to reduce the risk of medical insurance violations, enhance
the level of fine management in hospitals, and provide a technical solution for hospital medical in-
surance management in the context of DRG payment reform.
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Table 1. System architecture hierarchy and functional modules
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Table 2. Rule classification system
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Table 3. Statistics of system reminder triggers during the pilot period
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Table 4. Comparison of main indicators of medical insurance inspection before and after the system pilot
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