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Abstract

COVID-19 has spawned the “home economy”. The bagged Liuzhou snail powder has risen vigo-
rously and has become one of the most convenient foods in the country. At present, there are
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12,000 snail powder online stores opened on the online shopping platform. In the case of such
fierce competition, it is particularly important to tap the public’s preferences. This paper intends
to use emotional analysis methods such as keyword extraction, word cloud visualization analysis,
LDA topic analysis and comment word segmentation topic model to analyze the snail powder pur-
chase comment data, mine the public’s preference for snail powder, provide favorable reference
for merchants to improve products, improve product user experience, and improve sales.
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Figure 1. Total comment cloud
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Table 1. The top 14 characteristic words of snail powder frequency of each brand
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Table 2. LDA subject analysis keywords
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Figure 2. Comment classification flow chart

& 2. 'l;lﬁﬁgguujil

Table 3. Main feature—sub feature subject words
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Table 4. Number of sub comments of the main feature
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Table 5. Emotional distribution of comment text

=5 IR ARRS T

5 ] el o it
1Em 1956
JR 2 2040
71 ) 84
1Em 1956
KA 3912
71 ) 1956

F R PR S A FRHE NI FIPR AT IR & 28, RERWE 6 . Ho, WIFieH
MMAEE, “EORL” MIEEWREERE, “B3” MIEEPFeHEd:; NEPRNAEE, “TkE” &
b 97.12%, “BRIE” AEL 95.81%, “Mrkg” fEL 92%, “@ik” 5Lk 83.38%, SAFEMIIFIRR LA
TEEKE . TR F VIR BT G R AR, P e EEUA S| T 100%.

m

DOI: 10.12677/m0s.2022.111006 72 e RSE TR


https://doi.org/10.12677/mos.2022.111006

R, EET

Table 6. Main feature comment emotion distribution
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Figure 3. Cloud chart of positive and negative comments on packaging
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Figure 4. Cloud chart of positive and negative comments on price
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Figure 5. Cloud picture of positive and negative comments on taste
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Figure 6. Cloud chart of positive and negative comments on ingredients
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