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Abstract

The purpose of this paper is to address the specific situation that Hiatus (global warming hiatus)
phenomenon has appeared since the last century, which makes the public begin to doubt the real-
ity of global warming. Through analyzing the causes of global warming with a large number of da-
ta, the mathematical relationship between the causes of extreme weather phenomena and climate
change is deeply explored and quantitatively analyzed. Through the historical data of specific
countries and representative cities, the temporal and spatial trends of temperature are mined,
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and the rules of temperature change are found from the historical data. At the same time, this pa-
per looks at global warming from the climate scale, taking into account a series of factors such as
surface temperature change, carbon dioxide concentration change in the atmosphere and ocean
heat absorption, quantifying relevant data and establishing global climate models and extreme
weather models that are conducive to non-professionals’ understanding and cognition, so as to
predict future climate change.
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Table 1. Description of some symbols used in this article
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Table 2. Global average carbon dioxide concentration

® 2. ERTEUBRTIRE

Fr COPEIRE/pm  Ffy COFEIKE/pm 43 CO PR /pm 4 CO, TR /pm

1959 315.98 1975 331.08 1991 355.48 2007 383.71
1960 316.91 1976 332.05 1992 356.27 2008 385.57
1961 317.64 1977 333.78 1993 356.95 2009 387.35
1962 318.45 1978 335.41 1994 358.64 2010 389.85
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Continued
1963 318.99 1979 336.78 1995 360.62 2011 391.63
1964 319.62 1980 338.68 1996 362.36 2012 393.82
1965 320.04 1981 340.11 1997 363.47 2013 396.00
1966 321.38 1982 341.22 1998 366.50 2014 398.65
1967 322.16 1983 342.84 1999 368.14 2015 400.00
1968 323.04 1984 344.41 2000 369.40 2016 403.30
1969 324.62 1985 345.87 2001 371.07 2017 405.50
1970 325.68 1986 347.19 2002 373.17 2018 408.52
1971 326.32 1987 348.98 2003 375.78 2019 415.00
1972 327.45 1988 351.45 2004 377.52
1973 329.68 1989 352.90 2005 379.76
1974 330.17 1990 354.16 2006 381.85
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Figure 1. Temperature change under the influence of different factors
1. FERIEAREZMTEENTK
DOI: 10.12677/mo0s.2023.123246 2694 EESIR


https://doi.org/10.12677/mos.2023.123246

I, TR

4.2. R

Wi 2 KRS A M 2% RBF % GM R FIN 45 AT R 5
W 2 FRa i sebrxt M AR, HEENmARRER ML R, NG E RS R RE,
R*=0.98, ¥ 7Hi%% RMSE = 13.74, “FIMXTIRZ R 0.1185, TR B # = .

3

2.5 \
2

505 / —o— MR \
oE / O [HHHIH \
| \
0.5
1(#44
-1.5

-2
2008 2009 2010 2011 2012 2013 2014

Figure 2. Neural network regression prediction data
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Figure 3. Forecast of temperature from 1938 to 2044
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