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Abstract

The demand prediction of enterprise products is not a complete linear or nonlinear problem, and
the prediction results of a single prediction model have low accuracy and poor reliability. To ad-
dress this issue, a hybrid ARIMA LSTM prediction model is proposed by combining the advantages
of ARIMA and LSTM models. To achieve higher model prediction accuracy, different methods are
used to assign weights to ARIMA and LSTM models, and a hybrid model with higher prediction ac-
curacy is selected. Using demand data from a certain production plant for example analysis, the
results show that the accuracy of mixed models varies under different weight allocation methods.
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The mixed model determined by the reciprocal method of relative error has higher prediction ac-
curacy. This result provides a scientific basis for subsequent enterprise demand prediction and
production planning.
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Figure 1. ARIMA and LSTM mixed prediction model diagram
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Figure 2. Demand data trend chart
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Figure 3. ACF plot of differential data
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Figure 4. PACF plot of differential data
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Table 3. AIC and BIC values of ARIMA models with different parameter
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Figure 5. Fitting effect of different models
B 5. FRIIEAMAYRE

m

DOI: 10.12677/m0s.2023.124321 3504 e RSE TR


https://doi.org/10.12677/mos.2023.124321

TLHEA, #HET)

Table 5. Comparison of results of various prediction models
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