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Abstract

With the deepening application of artificial intelligence in educational assessment, the comprehensive
evaluation and governance of intelligent scoring algorithms have become critical issues. This study is
dedicated to constructing a comprehensive evaluation system for intelligent scoring algorithm models
and innovatively establishes a three-dimensional adaptive modeling framework of “scoring indicators
x scoring subjects x scoring perspectives”. Through multidimensional cross-analysis, this framework
achieves three-dimensional evaluation of intelligent scoring system performance, ensuring the scien-
tific rigor and comprehensiveness of evaluation results. Building upon this foundation, the research
further proposes a human-machine integrated scoring solution that fully leverages the advantages of
artificial intelligence in objectivity, consistency, and efficiency, while preserving the unique value of
human evaluation in subjective judgment, innovation recognition, and complex contextual under-
standing. By constructing a comprehensive benefit evaluation system, the study systematically quanti-
fies and analyzes the comprehensive benefits of the human-machine integration mode in terms of scor-
ing quality improvement, cost control, and time efficiency, providing scientific theoretical foundations
and practical guidance for the implementation and promotion of intelligent scoring technologies. This
research provides crucial technical support and methodological innovation for the digital transfor-
mation of the educational evaluation field, and holds significant importance for promoting the stand-
ardized development of intelligent scoring technologies.
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Figure 1. Evaluation metrics framework for intelligent scoring algorithms
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Figure 2. Example Bland-Altman plot for agreement analysis
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Figure 3. Flowchart of the comprehensive evaluation process for intelligent algorithms
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Figure 4. Flow diagram of the scoring scheme
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