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Abstract

Patent text is the core building element of technological innovation, and thematic analysis of text
content is helpful to clarify the distribution and evolution trend of technological themes. Taking
AR

FH AR .

SCES| M W%, ETE. TR RS REOR A AT T D). R 5 TR, 2025, 14(1): 46-52.
DOI: 10.12677/mse.2025.141006


https://www.hanspub.org/journal/mse
https://doi.org/10.12677/mse.2025.141006
https://doi.org/10.12677/mse.2025.141006
https://www.hanspub.org/

A, EPE

CNKI textile fabric preparation technology patents from 2018 to 2022 as the research object, Named-
entity recognition was used for research, and object-like entities were extracted as the basis for
patent text content analysis. Time windows were divided by year, and the optimal number of topics
was obtained using Perplexity subject variance. Summarize the innovative mode of textile fabric
preparation by analyzing the evolution process of technical theme content. By analyzing the evolu-
tion process of the theme content, it is summarized into three technical elements: fabric raw materi-
als, fabric preparation process, and fabric characteristics, and further development suggestions for
fabric preparation are provided. In order to overcome the difficulty of accurately and quickly select-
ing word clusters to represent topics in topic modeling, Named-entity recognition technology is used
to simplify the extraction of technical terms, and ERNIE3.0 knowledge enhancement pre-training
model is used to quickly obtain technical term sets with strong generalization ability.
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Figure 1. Research ideas for hot topic recognition and evolution analysis
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Figure 2. Perplexity-Var scatter chart with number of topics
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