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Abstract

Objective: This study aims to synthesize the potential opportunities, limitations, and future direc-
tions and prospects of generative artificial intelligence in medical education, and use these to guide
future areas of exploration. Methods: A scoping review was conducted of English articles published
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since 2022 discussing generative Al in the context of medical education. PubMed, Google Academic
and sci-hub databases were used for literature search. Results: Thematic analysis revealed multiple
potential applications of generative Al in medical education, including self-directed learning, simu-
lation scenarios, and writing assistance. However, the literature also highlights significant chal-
lenges, such as issues of academic integrity, data accuracy, and potential harm to learning. Present
future directions and perspectives for various opportunities and limitations. Conclusion: The inte-
gration of generative Al in medical education presents exciting opportunities as well as enormous
challenges. There is a need to develop new skills and competencies related to Al, as well as thought-
ful, nuanced approaches to examine the growing use of generative Al in medical education.
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