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Abstract

According to the requirements of the flood control plan of the Dongping Lake basin in the lower
reaches of the Yellow River, when the water level of Dongping Lake is higher than the flood limit
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level, it is necessary to divert the flood to the Yellow River, in order to explore a forecast method
that is more in line with the flood control requirements at this stage and improve the forecast ac-
curacy, a BP neural network model for water level prediction of Sunkou section and Aishan sec-
tion in the lower reaches of the Yellow River was constructed. The model evaluation and test show
that the method has high computational efficiency, the relative error of the daily average flow
prediction during the flood period is 5.1%, and the certainty coefficient is 0.95, which can provide
a decision-making basis and new technical tools for flood control scheduling.

Keywords

Flood Prediction, BP Neural Network, Downstream of the Yellow River

Copyright © 2022 by author(s) and Hans Publishers Inc.
This work is licensed under the Creative Commons Attribution International License (CC BY 4.0).
http://creativecommons.org/licenses/by/4.0/

1. 5|5

BRI E A I, R AN TR B AR EUE, (Rt R P T R, B
AL IR IR, BRI T T TR K SO 25 0 4 TR0 TOIRE P LRSS, 7ESRE O R 5
GG S ARG BT DA T R BT . N T2 I 4 DR H BT 7 3 A e e PR R B 0 2
L I I 7E K SO0 TAE b, HCep A LL 32 1 BP MhZR 4 B35, ASSOHE % BP #0246 17K ST
AT AT, RIS B Wi .

2. FEENT

/\Iﬁ‘ﬁi%ﬂéﬁm*ﬁ]l_ SEARADN AR W e 22 DX 24 G AT P2 AR T SRR A, RS AT v R R 2R MR iR
A —E AR A A PR DX 4% 2 NATAEASSAA N i Ak 388 [ A0 )t 2 O e b R ) — ol L R %
SALEE PR, bl_ﬁjiiﬁﬁ/\j\jﬁ‘ﬁﬁ%mﬁﬁlﬂﬁiﬁo i‘ffﬂééjﬁ']ﬁii”f’é%ﬁﬂﬁ%%%ﬁ]\ﬂuﬂ‘]ﬁ?%@éﬁ
BRARICZ S AT AR AN 5, S8 5 AN ARLE) 2 20« B, e 12555 B AEJTo FHEE 2% B PP SRR
Z, 1R RZELEEEBack Propagation DL R {#j#K BP H%)ﬂz@ﬁﬁﬁifha\ BRI E5H
EAE G AR LUA 5 4 B 4RF AP A I TR M [2]

BP WMz HANZE BREE. FiE4mOLE 1), ARSI IE A RE SRS 2 A mE
&, IR ERTEE, AW S R SHE MR, AR ZES RS S R e, i iRz B R U
28 BB AL XS R BRIE o S5 S A PA R0 T A 2R i R A A B B SR AR 25 R AT G iR ZE it , 5 ARG HE

3. Itk 58
3.1. BIRAIEEL

F BP #4347 /KA TR AT, A0 52 M KA ) 25 A IR R AT 0 A 1 BE . 9 3 7K A 3k R 98
EAKAL, B X HEK S EE RS K 1, PRI T — I AR, EN BP AR 1) f
N,  FAKSCH KA E A, RS . ASSCffi F Matlab 2w BP MR FEF, 3% 80 R 9l
It Bl b A0S s vk /K B R TR . o, A F ok big, BEESII T 449 km, FRil
k2 2 A ek, sk BE ST 1 336 km, &% Wi AR B a0 & 2 Fis .

DOI: 10.12677/0jswc.2022.104007 42 KR FE


https://doi.org/10.12677/ojswc.2022.104007
http://creativecommons.org/licenses/by/4.0/

M, LE

LN Rz )= HHE

Figure 1. Three-layer neural network structure
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Figure 2. Schematic diagram of control section
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Table 1. Statistics of training samples and test samples
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Table 2. Statistical table of evaluation indicators of simulation results
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Figure 3. Comparison between the predicted value and the actual
value of the training set
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Figure 4. Comparison of predicted and actual values of the pre-
diction set
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