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Abstract

Current dominant ship traffic flow prediction models don’t consider the characteristics of the data
and achieve high accuracy in the prediction process, to resolve these problems, a prediction model
based on moth flame optimization algorithm and least squares support vector machine is pro-
posed from the perspective of influencing factors of ship traffic flow. The essence of the model is to
optimize the internal parameters of LSSVM model by moth flame algorithm and the model is
trained based on collected data. To verify the validity of the proposed model, experiments are
conducted based on the relevant data of ship traffic flow in Guangdong Province of China, and
compared with FOA-LSSVM, PSO-LSSVM and GA-LSSVM models, the experimental results show that
the MFO-LSSVM model has higher prediction accuracy and efficiency, the effectiveness of the pro-
posed model is verified and can be used for the prediction of ship traffic flow.
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Figure 1. Spiral flying path around close light sources
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Figure 2. Algorithm process of MFO-LSSVM
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Figure 3. Distribution chart of ship traffic flow
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Figure 4. lteration figure of MFO-LSSVM
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Figure 5. Forecast result of MFO-LSSVM
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Figure 11. Forecast result of GA-LSSVM
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