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Abstract

Public transport satisfaction determines the service level of public transport, which is the guar-
antee for the implementation of priority public transport development. This paper analyzes many
factors that affect bus satisfaction, starting from personal attributes, travel information, bus in-
formatization, supporting facilities and service quality, and based on support vector machine, re-
veals the relationship between them and bus satisfaction, and calculates the importance of these
factors. SPSS Modeler was used to integrate the survey data of Nantong, and it was found that there
were significant differences between the socio-economic attributes, travel purpose and bus satis-
faction of the new and old urban areas. Finally, by comparing support vector machine with Logistic
regression analysis model, it is found that support vector machine has better fitting ability for
classification data and higher classification accuracy for samples.
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Table 1. Test results of different kernel functions
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Table 2. Importance of factors influencing public transport system satisfaction
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Figure 1. Comparison of the importance of each factor between new and old urban areas
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Table 3. Classification accuracy of SVM model and logistic regression algorithm model
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