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Abstract

In view of the deficiency of general statistical methods, this paper presents the application of fuzzy
clustering and data mining methods in data analysis. This paper introduces the basic principles of
the two kinds of intelligent analysis methods, gives the experimental results of two kinds of analy-
sis methods through specific cases, and compares their characteristics. In this paper, we put for-
ward the advantages of data mining based on clustering results. It has a strong heuristic and engi-
neering application reference value.
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Table 1. Case data
%= 1. REVEE

FEA G S Ay B i) (oF 513y D Al Gy
01 20 20 20 18 78
02 13 24 22 17 76
03 25 18 24 11 78
04 24 11 16 22 73
05 23 24 12 24 83
06 23 24 10 22 79
07 24 13 16 22 75
08 23 10 17 24 74
09 12 22 23 21 78
10 24 20 18 16 78
11 18 17 19 25 79
12 23 10 16 24 73
13 13 23 22 20 78
14 23 24 10 22 79
15 23 19 23 12 77
16 24 10 23 24 81
17 12 22 23 18 75
18 22 24 13 24 83
19 22 14 23 22 81
20 17 18 17 24 76
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Table 2. Cluster analysis table

=2 BESHE

FEA G S A Gy B sy C sy oY eSSl
2 13 24 22 17 Clust-1
9 12 22 23 21 Clust-1
13 13 23 22 20 Clust-1
17 12 22 23 18 Clust-1
4 24 11 16 22 Clust-2
7 24 13 16 22 Clust-2
8 23 10 17 24 Clust-2
12 23 10 16 24 Clust-2
16 24 10 23 24 Clust-2
19 22 14 23 22 Clust-2
5 23 24 12 24 Clust-3
6 23 24 10 22 Clust-3
14 23 24 10 22 Clust-3
18 22 24 13 24 Clust-3
3 25 18 24 11 Clust-4
15 23 19 23 12 Clust-4
11 18 17 19 25 Clust-5
20 17 18 17 24 Clust-5
1 20 20 20 18 Clust-6
10 24 20 18 16 Clust-6

Figure 1. Cluster analysis
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[
"Result list (right—clic||Eest rules found:

1. fques-B='{14.833333-16.668667]"' 19 ==> Clust=clust-Z 16 conf: (0.84) < lifr:(3.83)

2. Clust=clust-2 22 ==> wques-B='(14.8353333-16.666667]"' 16 conf: (0.73) < lifr:(3.83)

3. Teacher=D6203 14 ==> Clust=clust-2 11 conf: (0.79) < lift:(3.57)> lew:(0.08) [7]

4. Clust=clust-2 22 ==> Teacher=D&zZ03 11 conf: (0.5) < lift:(3.57)> lew:(0.08) [7] c

5. tues-C='[{15.666667-17.333333]"' 19 ==+ Clust=clust-1 14 conf: (0.74) < lift:(3.2)>

6. Clust=clust-1 23 ==> gues-C='[{15.666667-17.333333]"' 14 conf: (0.61) < lift:(3.2)>

7. fues-4='(14-16]" 16 ==> Clust=clust-5 14 conf: (0.88) < lift: (2.73)> lew: (0.09) [

8. Clust=clust-5 32 == gques-i='{14-16]' 14 conf: (0.44) < lift: (2.73)> lew: (0.09) [

9. fques-C='(Z0.666667-22, 333333]" 19 ==> Clust=clust-Z 11 conf: (0.58) < lift:(Z.63)

10. Clust=clust-2 22 ==> ques-C='[20.666667-22,333333]' 11 conf: (0.5) < lift:(2.63)>

11. gues-B='{20.333333-22.166667]"' 24 ==> Clust=clust-4 11 conf: (0.46) < lifr:(Z.41)

12. Clust=clust-4 19 ==> ques-B='[{20.333333-22.166667]"' 11 conf: (0.58) < lifr:(2.41)

13. gues-D='{18.5-20.333333]"' 29 ==» Clust=clust-5 16 conf: (0.55) < lift:(1.72)> lew

14, Clust=clust-5 32 ==» fques-D='[15.5-20,333333]"' 16 conf: (0.5) < lift:(l.72)> lew:

15. rmues-a='({18-20]"' 27 ==> Clust=clust-1 10 conf: (0.37) < lift:(l.61)> lew:(0.04) [

16. Clust=clust-1 23 ==> gues-Ai='[15-2Z0]' 10 conf: (0.43) < lift:(1.61)> lew:(0.04) [

17. mues-B='{18.5-20.333333]"' 22 ==r mes-D='{18.5-20,333333]"' 10 conf: (0.45) < 1lift

18. gues-D='{18.5-20.333333]"' 29 ==» mues-B='{18.5-20.333333]"' 10 conf: (0.34) < 1lift
19, mques-E='(158.5-20,333333]" 22 ==» Clust=clust-% 11 conf: (0.5) < lift:i(l.56)> levi—
20. Clust=clust-5 32 ==+ ques-B='{18.5-20.333333]" 11 conf: (0.34) < lift:{l.56)> lew
« | LH

"Status
0K Log w. z 0

Figure 2. Data mining analysis
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