Operations Research and Fuzziology iz& 5112, 2020, 10(3), 230-238 Hans iXJ
Published Online August 2020 in Hans. http://www.hanspub.org/journal/orf
https://doi.org/10.12677/0rf.2020.103024

Some Characterizations of Robust Optimal
Solution Set for Uncertain Fractional
Optimization Problem with Lipschitz
Inequality Constraints

Xiuli Zhang", Haijun Wang

Department of Mathematical, Taiyuan Normal University, Jinzhong Shanxi
Email: '1140698825@¢qq.com, wanghjshx@126.com

Received: Jul. 21%, 2020; accepted: Aug. 3", 2020; published: Aug. 10", 2020

Abstract

In this paper, we deal with a class of fractional optimization problem with data uncertainty in both
the objective and constraints. The objective function is fractional function and the constraint is
inequalities which satisfy Lipschitz conditions. Using pseudo Lagrange-type function, we give those
characterizations of robust optimal solution set of uncertain fractional optimization problem.
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