Operations Research and Fuzziology iz& 5112, 2020, 10(3), 263-267 Hans iXJ
Published Online August 2020 in Hans. http://www.hanspub.org/journal/orf
https://doi.org/10.12677/0rf.2020.103027

The Least Square Method of Weight Based
on PSO Algorithm

Zulin Liu, Zhiyuan Wu, Jiacong Li

College of Science, Beibu Bay University, Qinzhou Guangxi
Email: LiuZuLin0415@163.com

Received: Aug. 5, 2020; accepted: Aug. 18", 2020; published: Aug. 25", 2020

Abstract

In the decision making based on reciprocal judgment matrix, the least square method of weights is
an important method to determine the weight of decision variables, and Lagrange function is often
used to solve the optimal solution of the model. In this paper, particle swarm optimization (PSO) is
mainly used to solve the least-square model of weights, and the feasibility of the algorithm is illu-
strated by the comparison and analysis between an example and Lagrange function method.
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Figure 1. Relation between FM and iteration
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