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Abstract

Although traditional principal component analysis can effectively reduce the dimension of data, it
is insufficient in the interpretation of data. In order to improve this deficiency, sparse principal
component analysis emerges at the right moment. It integrates sparsity into principal component
analysis to obtain sparse load vector while maintaining maximum variance, which can better mine
data information. This paper first introduces the solution method of principal component analysis,
then explains the method and theoretical improvement of sparse principal component analysis
based on principal component analysis, and finally illustrates the wide application of sparse prin-
cipal component analysis in face recognition, Marine oil pollution detection and medical diagnosis
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