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Abstract

Augmented Lagrange method is an important method for solving constrained optimization prob-
lems. In recent years, it is more important to study the application of augmented Lagrange me-
thod. This paper mainly introduces the process of the augmented Lagrange method solving con-
strained optimization problems, explains that the augmented Lagrange method is the organic
combination of penalty function method and Lagrange multiplier method, leads to the current de-
velopment of the augmented Lagrange method, summarizes the basic theory of the augmented
Lagrange method, and verifies its effectiveness through an example.
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