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Abstract

Harry Markowitz’s portfolio theory assumes that investors are rational; however, the stock mar-
ket has experienced dramatic volatility in recent years, which is difficult to explain in terms of
macroeconomic factors or a company’s own circumstances. Behavioral finance has emerged, and
the role of investor sentiment in the stock market has received much attention. With the devel-
opment of China’s stock market, investors’ emotions can easily have an impact on the stock mar-
ket, which leads to the fluctuation of stock returns, and given that investors’ emotional state can-
not be directly observed, it has been a difficult problem to measure how it is measured. This paper
introduces behavioral finance theory based on traditional finance, considers market factors and
firm fundamentals, and adds an investor sentiment factor to explain the volatility of stock returns.
In terms of empirical evidence, the study uses data from 300 companies in the constituent stocks
of the CSI 300 index and constructs an investor sentiment indicator using a simple Bayesian clas-
sification algorithm. By measuring investor sentiment through technical indicators of individual
stocks, it fills the gap of panel data of individual stock sentiment in CSI 300 constituent stocks. A
multivariate linear model is also constructed for regression to analyze the impact of investor sen-
timent on stock returns. The results show that as the score of investor sentiment increases, the
return of stocks will also increase, and the change of investor sentiment will have an impact on the
investment return of the stock market to a certain extent, and these conclusions reflect more
clearly the mechanism of the impact of investor sentiment on stock risk in the stock market, which
is of great significance to individual and institutional investors in stock selection.
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Table 3. Correlation analysis of variables
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Table 4. Regression analysis of the impact of investor sentiment
on stock returns
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