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Abstract

Quantitative investment method has been widely used in foreign countries. The advantage of in-
vestment based on mathematical model can avoid the influence of individual investment emotions,
which makes quantitative investment have a good momentum of development in China. This pa-
per takes the constituent stocks of HS 300 index as the research object, constructs a multi-factor
quantitative stock selection model based on regression method by crawling various financial in-
dicators of the research object, and selects constituent stocks according to the obtained model to
calculate the return rate, establishes a securities portfolio, and finally evaluates the quantitative
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investment stock selection model according to the average return rate of the portfolio. The result
shows that quantitative stock selection based on multi-factor model can achieve more returns
than the benchmark market, which shows the effectiveness of quantitative investment under cer-
tain conditions, and can provide investors with more effective investment portfolios and sugges-
tions.
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Figure 1. Scree plot
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Table 2. Rotating component matrix (part)

2. EEE R RERE (RRAY)

fEtr4FK  Factorl Factor2 Factor3 Factor4 Factor5 Factor6 Factor7 Factor8 Factor9 Factorl0 Factorll Factorl2
roe_yearly 0.8277 -0.0194 0.1548 -0.0246 0.1409 0.3644 -—0.2765 —0.0439 0.0066 -0.0692 0.0144 -0.0095
roa_yearly 0.8973 -0.0255 —0.0473 -0.2350 —0.0654 0.2550 -0.0806 —0.0552 0.0165 -0.0403 0.0279 -0.0458
total_revenue 0.1176 0.6050 -0.4030 0.4028 0.1407 0.1218 -0.2114 0.0086 -0.1191 0.0968 0.0101 -0.0709
revenue_ps 0.1166 0.6005 —0.4051 0.4042 0.1429 0.1256 -0.2104 0.0088 -0.1120 0.0980 0.0124 -0.0721
undist_profit 0.2821 0.8858 -0.0701 0.1013 -0.1629 —0.1493 -0.0003 -0.0589 0.0196 -0.0153 —0.0247 0.0402
extra_item —0.1093 0.1498 -0.0804 0.0856 0.0083 0.0637 -0.1178 0.1277 0.1878 0.0843 -0.8291 -0.0205
profit_dedt -0.1278 0.3283 0.6135 0.2173 0.0296 0.4249 0.3863 -0.0120 —0.0001 -0.0240 -0.1283 0.0130

assets_turn  0.3064 —0.0491 —0.5897 0.1987 0.0860 0.4226 —0.1157 —0.1278 —0.1663 —0.0359 0.0659 —0.0509
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Table 3. Regression results of multi-factor quantitative stock selection model in 2022
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W E AR F. F, Fs Fs Fs Fs F;
oLS 14.1662"" 1.32177 -0.0514 2.1897"" 3.0194™ —0.0560 -0.0205

AR AR Fg Fo Fio Fu Fio const R?
OLS 0.6307"" 0.3925™ 1.5241™" -0.1858 -0.0922 16.2836 0.946
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Y =16.2836+14.1662F, +1.3217F, +2.1897F, + 3.0194F, +0.6307F,
+2.1897F, +0.3925F, +1.5241F,,
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Table 4. Portfolio performance
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