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Abstract

Index tracking is a method of tracking the movement of a market index with a small number of
constituent stocks. It is one of the passive portfolio management strategies. In this paper, the in-
dex tracking model is constructed by stepwise regression, ridge regression, two-step regression
and quantile regression, and two sample stock Spaces are obtained by C, criteria and CV criteria,
and empirical analysis is conducted on these two sample stock Spaces. This paper selects the daily
closing price data of the Shanghai Stock Exchange 50 Index from August 1, 2021 to July 1, 2022, di-
vides the 2/3 training set and 1/3 test set, finally, the evaluation indexes such as sum of squares of
residuals, average sum of squares of residuals and standard deviation of residuals are compared
and analyzed. The main conclusions of this paper are as follows: 1) under the C, criteria, 49 variables
(component stocks) are retained in LASSO, and the three indexes of residual sum of squares, mean
residual sum of squares and residual standard deviation on the test set are better than stepwise
regression and ridge regression; under the LASSO variable selection method, Liu estimation is fur-
ther used for regression, and better external prediction results are obtained. 2) Under the CV cri-
terion, LASSO retains only 36 variables, and the external prediction effect is obviously inferior to
the C;, criterion; under the CV criterion, the sum of squares of residuals, sum of squares of mean re-
siduals and standard deviation of residuals on LASSO test set are better than stepwise regression
and ridge regression. In the two-step estimation, the prediction effect outside the ridge estimation is
also better. 3) Under CV criteria, the three indexes of the sum of squares of residuals, the sum of
squares of mean residuals and the standard deviation of residuals on LASSO test set are better than
stepwise regression and ridge regression; in the two-step estimation, the effect of 0.5 quantile regres-
sion is the best, and the effect of 0.05 quantile regression is the worst. 4) The change of values under
different stock selection methods has different impacts on the model.
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Table 1. The 50 constituent stocks of the SSE 50 index (000016.SH)
F 1. i 50 8% _EiiE(000016.SH)RY 50 R4 A%

ZE ZHR R g ZFR R ZE ZHR Ry
X1 AN AR 600010 X18 R AES 600588 X35 o K 601601
X2 HEAN 600028 X19 R K 600690 X36 HEANF 601628
X3 FEIES 600030 X20 5 2R 600745 X37 KRR 601633
X4 ——&ET 600031 X21 Ly v 3 3 600809 X38 PR 57 601668
X5 HRETARAT 600036 X22 TFIEIE S 600837 X39 HEFRIE S 601688
X6 RFK FE 600048 X23 )iy 600887 X40 o E S 601728
X7 iR&EH 600104 X24 IV &IpA) 600893 X41 Hh A 601857
X8 b7t 600111 X25 KT 600900 X42 r [ A 601888
X9 BREH 600196 X26 = REIR 600905 X43 L TN 4 601899
X10 {EHEEEZY 600276 X27 R R SRR 601012 X44 L AR 601919
X11 Titede 600309 X28 HEER 601066 X45 4 A H 601995
X12 LEWIEER A 600346 X29 H [ o 601088 X46 2] e 603259
X13 J AT 600436 X30 POERAT 601166 X47 R 603288
X14 T AR 600438 X31 EZeH % 601211 X48 FHIR AR 603501
X15 GiolERE 600519 X32 LMV ARAT 601288 X49 SR 603799
X16 (EESE A S 600570 X33 2 601318 X50 Ik 5 B 603986
X17 TRIZIK e 600585 X34 LRERAT 601398

B EA A H— T 1B ER W % (Tracking deviation, &5 °4 TD )M, EfEERHAAMHIE NS
E 50 FRE I HU B 2 [ i 22, — R DL R A =h 5
TD,' =Y _)A},‘ (1)
ARSCHIWHE ERRE ST BTV B AR IR AN T

DOI: 10.12677/0rf.2023.136757 7743 2 SR

i
.


https://doi.org/10.12677/orf.2023.136757

I

5% %77 Fl(Residual Sum of Squares):  S2 =Y(y,-5,)’

i=1
S
n—p

“F14%% 77 77 F1(Mean Residual Sum of Squares): RMS =

L (error—error)2
% 7 b 7% (Residual Standard Deviation): SD = .
"

Hrp, p RIRIBEALE M U, y, BIE 50 S8 500 H ki o
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ZHETEAT RS R A E REEARE, X2 —MRENEE, BRERA BENREAREEANRIETTRE,
WA A R AR A 2 N B R P AR A1k, DURIE SRS BT 31 1 s R R R m i .

B A5 B 4 Al R G v EAS B35 AR AR BRI, e E TR B FEAR R ) R A B ) 2 EE S A
PEABE, 1T HOO e R AR e B AR R DR o (ELIZD [RDAE T RE DR M B 1 B B A DG AR B 38K
BCE i o

B HIER PR, — R RNE, 53— MR R, ASCER R step(), L8 AIC {5
EENMEN, BN EE, WIrEEEITE, B2 EdEsR/m AIC E EERIEMAEEMEN. &
ST BB T AN B (X, Koy, Koy Xogs Xags Xoss X ) » A2 F A3 AR, 0T 55 (X, X, ) B,
BIRARZE, EMBRE AIC MR ZE I M FRZEARAE S BT, AR . Briksem g s
S AhTE, SR EEEEA AT

Y, =—90.79+7.07X, +13.90.X, +3.20.X, +2.73X, +5.55X, +3.84X, +1.61X, +0.34X, +2.31X,,

+0.61X,, +0.35X,, +0.08X,, +1.09X,, + 027X, +0.68X,, +0.85X,, +1.03X,; +1.30.X,,

+0.27X,, +0.15X,, +6.36X,, +2.14X,, +0.55X,, +3.82X,, —3.14X,, +1.98X,, +1.60X )
+5.18X,, +39.00.X,, +3.66X;, +36.23X;, +3.96X, -0.23X,, +6.97X,, +3.24X,, +331X,,
+0.50.X,, +10.08X, +0.80.X,, +0.68X,, +0.34X,, +0.29.X, +0.30.X,,

2 VB RO R ILA R 2 B . BIAR2ER. FAE 50 FE 8. RIE 50 EEURERE, W RIE 1
B o

M T AR E R TR, AN EIRZEAE 0 LR EEh, KW EEB RN NI ZE B o, A
FEZIRZE FAMEF A A 50 45 KUt B aT AFE A I (8] A0, TR 258K, TAE 2K 58
BRAE, TLATE AR AN s EAIE 50 PRI B AT DA R AUR AN . 45 EPTIR, BATE ¥, AR
TR HOE B R IF AT

4. LASSO El$E4UEEFRE

HIRBNERRL y = BT+ X P+e WENR e WL E(e)=0,Var(e)=0", FEAKIEN
(%, 3,)5i =1,2,-,m, Horfr, xl-=(xi1,xi2,~--,x,-p)%§’§5%, v, S RAR R, B I S L 2 AR LT
AL E x, TEOL T,y RMSLEH, T x, AR T .
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Figure 1. Y model of fitting residual graph, forecast residual graph, SSE 50 index forecast graph, SSE 50 index tracking graph
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75 Z) R AL 1TH(LASSO: the least absolute shrinkage and selection operator) i /& Z 4% ZI{# T =

2
z(y,. -fﬂjx,,] GREY B <1 (5)
i=1 Jj=1 Jj=1

BEBUNG B, j =12, p 0 120 R MHESE, CREENGHERORE, & 4, &% EHR)
A, 4 =Z‘/§’j‘, o<ty FREIRER O KRG, BT QR T B2 i

BT R, ARGITTEE R WA AR R AR N 104X 2 A T (LASSO) BA IR Hi e -
THISEH LARS () C HEHHR, 75 NN, SR/ C, EX MRS, SRER, R/ME
C,=49.71793, XMMAZEEEE 49 MR, AR REESE, MR 50 MERESE T 49 MR
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Figure 2. );2 model of fitting residual graph, forecast residual graph, SSE 50 index forecast graph, SSE 50 index tracking
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Figure 3. A4 Selection graph
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Figure 4. Residual diagram
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T T 1 L AIE 50 $8 5 _FE(000016.SH) 1 28 W s B FIARE R 40 R Fr s, 26 2 AT R 28 W a3k

Y, =480+13.63X, +5.71X, +0.82X, + 6.24X, +1.95X, +3.55X,, +1.26X, +2.61X,, +0.27X,,

+0.92X,, +0.17X, +4.97X,, +0.35X,, +6.55X,, +0.41X,, +7.72X,, +0.18X,, +2.40X

®

+2.92X,, +5.78X,, +0.91X,, +0.10X,, +12.53X,, +0.85X,, +0.20X,, +0.30.X,, +0.19.X, +0.28.X,,

Table 2. The 28 constituent stocks of the selected SSE 50 Index SSE (000016.SH) are estimated based on elastic constraints
2. ETFRMLREFTEEAN_EIE 50 53 _EIE000016.SH)AY 28 Rk 43 A%
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X10 TE i B2 24 X21 L1 78 37 X33 [ S22 X48 TR Bty
X11 Jited g X22 T IRIES: X41 A X50 Jk 2 BiF

KL BEAE 2021 4F R AFE 2022 EARAEAA T RAE 50 $REUIESS, MR L HUR T A,
SEA AT DUBBLHY AIE 50 850 sEbraE s, il 5 ps.

Figure 5. The tracking effect of the remaining 28 constituent stocks on the trend of SSE 50 index
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Figure 6. A selection plot and regression coefficient plot
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Table 3. C, comparison of index tracking effects of different methods under the criterion

3. C, N T AR AR BB ERBUR X EE

IS S WS
T (C, HEN)
SSE RMS SD SSE RMS SD

B EIHE3 AN E) 201.4673 2.14327 1.212668 105399.2 4215.967 27.51703
LASSO (49 ME &) 194.9932 2.215832 1.193025 91512.74 4816.46 26.17163
[ EIpE! 200.1542 2.003084 1.197432 96531.38 5080.59 27.61190

LASSO + olse 831.9254 9.347477 2.464234 44111.98 2205.599 20.637
(lailAbi:S :)_.Om3é\6[§]5u1323) 832.718 41.6359 2.465407 44656.91 2232.845 20.60334
LASSO + LIU (olse) 958.2969 10.76738 2.644781 39096.67 1954.833 18.81555

M 3 WAl 7R C, #EN R, LASSO fRE 1 49 MER(RT), HAEMRE LskE s, F
5% 727 75 FI(RMS) Bk Z2 bt 22 (SD) — R g An AL T2 8 Rl A AR [5] 5 7E LASSO ik H 7k T,
HE— iz X TEEAT R, SR AR R . i, FRAT1ZHI Y Lasso + LIU (olse) 51 R 46

HUOREEE, W 8 Arm.
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Figure 8. SSE 50 index tracking graph
& 8. _LiF 50 5 HIRERE
Table 4. CV comparison of index tracking eftects of different methods under the criterion
F 4. CV IEN T AE AR BB ERSUR X EE
o s Wikt
HIE(CV )
SSE RMS SD SSE RMS SD
B[ (43 AN AR ) 201.4673 2.14327 1.212668 105,399.2 4215.967 27.51703
LASSO (36 ME ) 1579.216 15.6358 3.395162 93,333.86 2828.299 22.48379
& [E)9(lambda = 9.184476)  4407.568 50.6617 5.672039 104,019.4 5778.857 16.4305
LASSO + olse 341.4063 3.38026 1.578612 137,194.7 4287.333 28.03984
LASSO + U&[E] )5
(lambda = 0.009873543) 341.442 10.67006 1.578695 137,131.8 4285.368 28.00536
LASSO + LIU (olse) 372.8135 3.691223 1.649626 144,740.5 4523.14 28.06844

M AT T ¢ HER, CV #EMITR I LASSO R fRE 1 36 NACHE:, SMNHIACR B B4k
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FC, #EN; 5 CV HENIR, LASSO WA bz J5 Rty P35k 227 J5 MI(RMS) RIBk 22 bt 2(SD) =
PRSI T 1220 AN [ P20l T, 0 v SR S0 AR th 2 B 1. ik, B 12240 LASSO
+ VBN N IR ERER I, i 9 R

LASSO + We[a] )=y [l 3 7 i«
Y, = 6.94X, +18.88X, +2.84.X; +2.68X, +5.77.X; +3.82X, +0.93X, +2.50.X; +0.59.X, +0.08.X,,

+0.93X,, +0.27X,, +0.42X,, +0.98X,, +1.05X, +1.43X,, +0.44X,, +0.12X, +6.62X,, +1.76X,,

12
+478X,, —431X,, +2.00X,, +2.86X,, +4.33X,, +4.55X,, +52.71X,, +3.49X,, —0.36X,, +0.48.X,, (12

+11.06.X;, +1.38X,, +0.70.X;, +0.33X,, +0.26 X, +0.35X,,
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Figure 9. SSE 50 index tracking graph
B 9. i 50 6 5U0RERE

7. SB[ R HEERRE

TELME IR rh, A B RN Y B S8 A A AT, B B X R Y IR IR 4
16, T ABATRAHGE F (Y] X ) 00555 DUL R A VBRI AP T2 T o W7 B0 — A7k
SrBrEOR A F(Y)X) B

BARAIGL A X R Y ML BBk, 88, BH0 X R Y 2 IRMAE I 4
fly o L X RN Y A5 S ] B MR X TR 25050 & 4T 2, R ASE LA 1 . AR 75 5 A —
MEEIRRES R, CME F, . BUEH IR MR COBm G e T, IR, (3R & ROMIEEA O,
(B BEORN 0o Dtk 23001 4B 5 IR B Ll B, 5 5 R 29 2

%ge(01), I F (q) R ¢ SRS, W EASRIEE g 4 REE F(Y]X)=q 35
Y =F" (g X)), IBAKM q SR S I Y

F'(q|X)=a+BX+F(q) (13)
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%A 2 — A7 A E BB
E 535 B B] YA A I 2 38 e — AN R 2 A B BV 2, 43 H B3 -5 305 08 2 v [ VA DX FE T2k
PERNAZE 770 “ P38 07 W, T 0 2 m] A 28 003 3k 437 £
HTAE RS AR, TEMRDAR IR TS ERER, M S 525 B e B e b, 53
TRAEHEF, XL ERRE, RIEET INECV #ENESE LASSO (36 MEE)H5HE:T J7k(Cp NIk
LASSO (49 A5 1-F 15k 21 J7 FI(RMS) MG 22 bRt 22 (SDYAH 22 FF AR AR K, H 1% 4 (148 BN 40k
T 13402 %. Ak, TR T I7ECV #EN)ESEE LASSO (36 M &) 17
Y AIHUN ¢ = 0.05 IR EL0 B E 7 FE U0 T -
Y, =—4.65+5.55X, +17.27X, +230X, +2.96 X, +5.83X, +3.78X, +0.48X, +2.49X,, +0.69X,,
+0.09X,, +0.85X,, +0.28X 5 +0.57X,, +1.04X,, +0.92.X,, +0.48X,, +0.42.X,  +0.14X,, +8.88X,,
+2.18X,; +4.64X,, -5.54X, +2.06X,, +2.73X 5 +5.50X,, +4.91X,, +43.35X,, +4.26X,, —0.99.X,, (1

+0.45X,,+9.35X,; +2.03X,, +0.74X ,, +0.25X,, +0.24X , +0.37X,

HAIEUN ¢ = 0.25 N RAFLLG [ H TR0 T
Y, =—0.85+6.63X +15.20X ,+2.52.X ,+2.46.X, + 6.04X (+3.69X, +1.58X, +2.57X,, +0.67X ,+0.10X ,
+0.88X,, +0.28X,, +0.19X,, +1.09X,, +1.08.X,, +1.39X,, +0.39.X,, +0.09X,, +8.52X,, +1.52.X,,
+1.91X,, +2.98X,, +4.47X ,,+4.57X ;;+46.88X,, +5.04X,  —4.09X,, +3.94X,  —0.72X, +0.43X,
+11.25X,, +1.63X,, +0.72X,, +0.37X,, +0.19X,, +0.42.X,,

(15)

HIEUON g = 0.5 N SRAF LG B A 7R T
Y, =11.99+4.87X, +17.22X, +3.02X, +2.35X, +6.09.X, +3.81X, +1.24X, +234X,, +0.66X ,,
+0.08X,, +0.84X,, +0.27X,, +0.45X,, +1.34X,, +0.99.X, +1.85X,, +0.49X,, +0.12.X,, +7.43X,,
+141X,, +5.71X,, — 541X, +2.02X,, +2.80X,, +3.83X,, +447X,, +4534X,, +2.82X,, +0.15X,, (1o
+0.48X,, +10.92X,, +1.10.X,, +0.75X,, +0.38X,, +0.23X,, +0.33X,,
HAIEUN g = 0.75 I RAF LG [ H 7 RE U0 T
Y, =22.86+9.35X, +16.49.X, +3.31X, +2.28X, +5.80.X, +4.06.X, +0.93X, +2.46X,, +0.58X,, +0.08X,,
+0.91X,, +0.26.X,, +0.48X,, +1.25X,, +1.16X,, +1.59.X,, +0.43X,, +0.16 X,, +7.78X,, +1.47X,

+5.07X,5 346X, +1.95X,, +2.36.X,; +4.05X,, +4.65X,, +46.68X, +2.78X, —0.41.X,, +0.50X,, 47
+11.02X,, +1.06X,, +0.72X,, +0.37X,, +0.28X,, +0.32.X,
A REON g = 0.95 I RIS AT REU T -
Y 1=4.79+8.65X, +24.06X, +1.59X, +2.01.X, +5.39X, +3.68X, +0.72X, +2.50.X,, +0.68X,,
+0.09X; +1.19X, +0.26 X, +0.45X,, +1.13X, +1.46 X +1.23X,, +0.50.X,, +0.09X,, +5.61.X,, s

+1.80X,, +4.23X, —4.28X, +1.91X,, +3.67X,, +5.28X,, +4.32X,, +57.69X,, +2.79X,, +0.10.X,,

+0.52X,, +9.34X,, + 0.81X,, +0.68X,, +0.34X,, +0.32.X,, + 032X,

Fr2zthl TAEA R AT I _EAE 50 FREERER ], W R & 10 Foss
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Figure 10. SSE 50 index tracking graph
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L F ] 10 LT B T AN o AL B A 50 FRBUERERFCR T LF, Ak, ATE RN
[l LT AR BUER BRI ZE T 5 A PSR ZEE P I5 A SRR EZE R BEAT VRO -

Table 5. Comparison of index tracking effect under different quantiles

5. PRSH THIEHE MR

i . Ve RS
JFEE(CV #EN)
SSE RMS SD SSE RMS SD
e ACISICR I ) 201.4673 2.14327 1212668 1053992 4215967  27.51703
LASSO (36 4\’}5%) 1579.216 15.6358 3.395162 93,333.86 2828.299 22.48379
W4 [Hl )9 (lambda = 9.184476)  4407.568 50.6617 5.672039  104,0194  5778.857  16.4305

LASSO +0.05 /-4 J1  1101.100371  10.79510167 3285590  183,661.3 5565493  29.62569
LASSO +0.25 /3 ¥lal)e - 591.95227 5.803454 24090358 1384802 419637  28.57266
LASSO +0.5 7 {414 417.6217 4.094331 2.023445  133381.1  4041.852  28.30217
LASSO +0.75 pfi sl 598.022632 5.86296698 2421356 150,362.6  4556.443  28.75382
LASSO +0.95 7} ¥[al)  1105.00744 10.833406 32914140 112,017.4 3394467 2524244

M5 Al L, fE CV HEITR, LASSO Uil ERBZE T I Al 25 221 7 FI(RMS) Fi% Z2 4
HEZE(SD) =R AR AR L T2 28 [ VA RN [ PB kit rb, 0.5 20 R8sl A S BOR B2 BB 9, 0.05
LRI BOR e 22 o AN, FATERIE T Bk Py O ik T A B ) PN AR AE L 25 T4 6 s

Table 6. Summary table of index tracking effect comparison under different models

6. NEMRE TR BUBERIR ML 2%

. . NE= WAL
T (C, )
SSE RMS SD SSE RMS SD
B E (43 M) 201.4673 2.14327 1.212668 105399.2 4215967  27.51703
LASSO (49 ME &) 194.9932 2.215832 1.193025  91,512.74 481646  26.17163
EE! 200.1542 2.003084 1.197432  96,531.38  5080.59  27.61190
LASSO + olse 831.9254 9.347477 2464234  44,111.98  2205.599 20.637
LASSO + & [a]1)5
(lambda — 0.03695123) 832.718 41.6359 2465407  44,656.91  2232.845  20.60334
LASSO + LIU (olse) 958.2969 10.76738 2.644781  39,096.67  1954.833  18.81555
. . YgheE WRREE
FFEE(CV H#E)
SSE RMS SD SSE RMS SD
FA A E 43 MER) 201.4673 2.14327 1.212668 105399.2 4215967  27.51703
LASSO (36 M5 &) 1579.216 15.6358 3395162  93.333.86 2828299  22.48379
U [l 4407.568 50.6617 5.672039  104,019.4  5778.857 16.4305
(lambda = 9.184476) ’
LASSO + olse 341.4063 3.38026 1.578612 137,194.7 4287333  28.03984
e
LASSO + U a5 341.442 10.67006 1.578695 137,131.8 4285368  28.00536

(lambda = 0.009873543)
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Continued

LASSO + LIU (olse) 372.8135 3.691223 1.649626 144,740.5 4523.14 28.06844
LASSO +0.05 7z [=1)5  1101.100371 10.79510167 3.285590 183,661.3  5565.493 29.62569
LASSO + 0.25 43 fs %% 7115 591.95227 5.803454 2.4090358 138,480.2 4196.37 28.57266

LASSO +0.5 43[4 417.6217 4.094331 2.023445 133,381.1 4041.852 28.30217
LASSO +0.75 4 hi %= 9 598.022632 5.86296698 2.421356 150,362.6  4556.443 28.75382
LASSO + 0.95 43 fs %% 71 )5 1105.00744 10.833406 3.2914140 112,017.4  3394.467 25.24244

M 6 R L, 1) #E Cp #ENIT, LASSO fRE T 49 NMEF (i), HAEMIREE Rz Jr
FL S8 5% 227 7 FI(RMS) Rk Z2 b 22 (SD) = P A #0 AL 132825 [ A RIG [5] )9 7E LASSO 2B & i £ 77
BR, P A TR TEDA, SR ISR . 2) 7E CV #E, LASSO RIRE T 36 MM
&, AN BRI AR KT Cp #EN; 7E CV IR, LASSO MRS Bsk 2 PRl P35k 2= 07 fil
(RMS) FIH% 22 bt 2 (SD) = 8 bn B A0 3845 [ A AIUS (8107, BBk ih o, W&l A 000 4 S e 2 e
. 3) 7E CV #ENT, LASSO MR FryskZ ¥ 5 fil. ~F35R 2T )7 FI(RMS) Fl 5% Z2 br ik 22 (SD) = Fh 45
PRESL TP B AIE B PRk, 0.5 0 Rr & E1E AP0 8RB 2 e iF 1R, 0.05 2 ml I 12
Pl e 4) TEANR PG B L I e 38 o A 28 ) S M AN )

8. B

B (R A AMIESF T 37 (R AL, SBERFR A EIBRAL, P50 R B R R B S s, R
TREOM AL G B A R R I8 A e TR BoB BR A & i dR Bt T8 ER . Kk, ASCGHE Cp fEN. CV #E
WO 3 JBE i o R R B R A A B RE A, I B R T 4R BOB ER R IZ D AR L W [ PR alA
ANy A B [ R AR A o S F T 4 OB R 5 VR [ N AN B A T I R A 20 B AR R SO SEBR
B, HORRRERMEED M.

Sk
[11 Roll R. (1992) A Mean/Variance Analysis of Tracking Error. Journal of Portfolio Management, 18, 13-22.
https://doi.org/10.3905/jpm.1992.701922

[2] Alexander, G.J. and Baptista, A.M. (2010) Active Portfolio Management with Benchmarking: A Frontier Based on Al-
pha. Journal of Banking & Finance, 34,2185-2197. https://doi.org/10.1016/j.jbankfin.2010.02.005

[3] Gotoh, J.Y. and Takeda, A. (2011) On the Role of Norm Constraints in Portfolio Selection. Computational Manage-
ment Science, 8, 323.

(4] Hk, BRf, 23, 25 T LARS-Lasso 48 HUEREE A HAE A48 H S BRI SR mg h B A D). SRSt 558 8,
2011, 30(6): 10

[5] Liu, R.Z. and Zhou, Y. (2015) The Portfolio of Index Tracing and Index Predictability under Multi-Information—Based
on Adaptive LASSO and ARIMA-ANN Method. Systems Engineering, 33, 1-7.

(6] 7%if, Jil, & M T UACIER BB IEEOE B A B ()], R THEORATIWL, 2016, 33(4):
145-160.

[71  #AEEGE. LT[R0 UAAR RS (48 BO8 i ) & SR A3 T [D]: [ L2408 3], B =&k, 2017,
[8] X, BB, HY. —Msa I OB BRI BN AT, BEEFFERE A, 2017, 34(5): 107-121.

[9] MR, T Lasso A BmIaAE UM B B 75 vk R AEFR I 500 Fa 0B BERI N [D]: [Al2:08 3], F|ER: BEKK
2% 2019.

DOI: 10.12677/0rf.2023.136757 7756

|
>

% M

®


https://doi.org/10.12677/orf.2023.136757
https://doi.org/10.3905/jpm.1992.701922
https://doi.org/10.1016/j.jbankfin.2010.02.005

	追踪市场指数的投资组合策略
	摘  要
	关键词
	A Portfolio Strategy for Tracks Market Indices
	Abstract
	Keywords
	1. 引言
	2. 数据说明
	3. 逐步回归指数追踪模型
	4. LASSO回归指数追踪模型
	5. 弹性约束估计建立上证50指数与成分股的回归方程
	6. 岭回归指数追踪模型
	7. 分位数回归指数追踪模型
	8. 总结
	参考文献

