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Abstract

Making full use of the text comment corpus of e-commerce platform can explore the advantages
and potential value behind commodities and enterprises. This paper obtains the online shopping
comments of Dajiang UAV in Jingdong Mall through the web crawler tool. Based on the word pre-
processing of the comment corpus, this paper classifies and evaluates the emotional orientation
contained in the comment corpus through the traditional emotional dictionary method and Ber-
noulli Naive Bayes, KNN and SVM in machine learning. Establishing LDA theme model for Dajiang
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UAV products, calculateing the cosine distance to determine the optimal number of themes, and
further explore the themes and concerns of comments. It is found that consumers pay more atten-
tion to the quality, flight maneuverability, brand effect, video shooting effect, express delivery and
supporting facilities of Dajiang UAV. Finally, according to the results of text mining, this paper
analyzes the advantages of Dajiang products, and provides relevant suggestions for manufacturers
and customers respectively.
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Figure 1. Schematic diagram of linearly separable support vector ma-
chine classification

B 1 S&MAoRXERENsEnERE

U SR B ZRBE A E AT 2 (R DU, BATRTBLSI ARt AR &, e = 2 kPl S 41 i 46 2 TR A
B = AR ASA]. AERRAE S IR B — A e AR R P Ii, SEI 26 (HAED SR P AR
HI TR A A, JRAT 5 B A B AL BRSOk SR BLIX — H . W IR R e a0 LA

EDT B AT 8 k(xi,xj)=(xiij)d (3)
et K x) = exo| P
A% BRI k(x,,xj) exp = (4)
Sigmoidi% #%t: k(x;,x;)=tanh(Bx'x; +0) (5)

2.2. KIiESR®E

Figure 2. KNN algorithm classification diagram
2. KNN B D X nEE

K i£4B(K-Nearest Neighbor, KNN), J&Of&MIHLAR A B, HH T RMER. Z LN
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AT DL 2 BB AT SR E R AR 7 B AR P E FIRHIE B RS O, 24 ko ik 1, BE B H il
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PRE H AR () TLMEA N =AY 8 T 2800 1 IS B 78 2 Mg T30 2 A=/, W 2Bt
I8 T2 1o BT KNIN SR LE 3 S 75 2 B B AR 43 FEAE A i) 10 AR A 1 288 01 a8 155 0. AR I 82 434
PR KNN & T B 5%

KNN B2 1) HAR A 3R R

© K BA 7 SR S BRI 1) 5 R OR

@ THEEA R CARF TSR IR S, 8% A Sim_hash R ITEEEER, & LWF:
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N T ©
D)

Horb d R RSCRRRHE R, d, 20K j R g, MZRERJEE.
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@ FEHALIEI K ANEBFEA T, A FRAREAR T A R I EAT o, R AR T

1 R Sim(x,d;)y(d;,,C;)-b>0
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0 Mt
ﬁ#&m@ﬂ)%%%ﬁﬁﬁﬁ,bﬁﬁ%@@oyﬂﬁﬁoﬁl,m%¢eq,NM%KQ}ﬂ,&ZW
M0,

2.3. 1B FIFh R DI AR

A% R Fb 2 UL BNB (Bernoulli Naive Bayes) & —Ff %] F A0 — 0073 A (I Ab 2= DLIH A 7Y o A
F DU 37 3T DL 7 5 BE 5 KR AE SR AR SRR R 20 28 0 1, FErh AN R R I A2 SR AR A . b3 DL TE
Ir IR A BREIR [B1 5325, 2R [a] & T A7 R

FhEE DU TE T S5 A RE 2R 0 AR AE T SR AR B S 1 A R 3L

P(X“) —x® X O =y y:ck)zﬁP(X(j) =x(”|y=ck> 8
=1

TER AN 2 DU ARUAHEAT 00 K0T, WP (OHIN %, T AT S R MR 0 A1 P (6, X «

P(x|ck)P(ck) B lip(x(i) = X(j)|y:Ck)P(Ck)

P(clx)= = (©)
) > P(xc)P(c) ZHp(X(j>:X(j>|y:Ck)p(Ck)
Horp EaCrpot By o 20 BESARIFD, ALk T BAAk D :
h*(x)=arg maxﬁP(X“)=x“)|y=ck)P(ck) (10)
ey g

HARME SR A 1A P (X = X) = px+ (L p)(1-X) {155 R B i H AR B 00

P(X =x)=px+(1-p)(1-x)y=arg rl:g(li(xip(x(i) =X(”|y=ck)+(1—xj)(1—P(X”) =x(j)|y=ck))) (11)
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2.4. LDA FHfER
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Figure 3. LDA model structure diagram
& 3. LDA 5B [E]

LDA BRI EE Mt BRI o AT B o2 SORS R 32 R3] 1 ) Dirichlet B HISE I 24 0 2 FRHE
SRR Z AR AL RS EON a () Dirichlet Se30 50 M1i; @ R IRITEAE 3 P I 2 5 A 11 2
%, HRMNEZ K o 1 Dirichlet 565670 1. LDA B BB AR VPR A2 T A 1) REL IR 52 LBl 21 67T Al
(), TALE LB R T 2 505041, 18

|0 ~ Multi () (12)

A TR SR BT A R LG AT, A P IR 2 A, 0
W|Z,4~ Multi(4)

TEVFIR d 261 R AR B w, 19 oA
P(d )= P (wfz2=s)-P(z =5l 19
Hor, P(w|z=s)2ria w B T8 s M EREIOMR: P(z=9|d;) %88 s M EBER d, MR,
3. BiERIER AL
3.1. HIEAVIEEN
AR SCHEI R R 3T OB —— R T8 AL LR P4 o 712 SR 17 K B8 T 9538838 4910
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THRG A TE G XS Fo N T ERFCTH 23O R KBRS I Oy A, DARCORER A 57 i ) SRR, IR HCK R
H RIAEE ) =2 BT i, 20 )0 K EE Mini, Air 1 Mavic. #kgiss 17 ML 3000 7o 2 THACHR 15,000
TGo KHE A RR TG AN I S8 e REANA R 8T, A r— RRems v 132538 ) s R 3 (1 6 A L= i
i Tk, T SECER i T P R N LT ANUE S 5, SR E R . R R K
AR R, & TEERTANE 2P HENIAMIR, SRS REYER, FLER ik
B e T SE BV AT AL S SZARTHR A, TV ORI T PSR FL R & &

IR N AR L EAHE: H4, T0E%, WRNEE, mns, PHer . i s eson
W, SREE T KEE Mini. Air. Mavic =Fips i3t 17,149 ZELIEL . 58 TN B R BRI Z, X SCARLE
BHATHTRRZE, HoAp RSBGPS 15,171 2%, FIMVFIL 1978 . #7 i S PR Edls 5 1 fo:

Table 1. Partial product review data table

F 1 BommTtHiER
A1 1D T R 2 RINSES [EELE 24 PR [a]

KEEBLAN—TRAAERA, TR T, WA,

P SRR /N BB B — oA b5 T K% DJI 48 2023/11/13
DEE 2B AN F DT SR — HT WU RIHL AR 58 205 A AN Mavic 3 Pro 19:42:19
S B R B AR T RAT AR U Wi

A CLIE PR FRELSE ! R RRLG!

P REARA W AR E A S SR, TR

Hirks, MigeER, MR PUERMm, FEE  KiE DI M 2023/11/13
T, BUUESEANTIE S, CRAH, %A  Mavic 3Pro 19:54:34
B AHE, AN NS /MBES TS, T IRALE

FxER, KR!

ERRR, R EREE T, 2, % K38 DIl Air 3 02311114

— stard  HBERY, SHIEHE RN A b 20.39.33
B RAE

yF star5

H**g star5

3.2. BIERYEGE

TR TAEA BRI R AEN EE RN E, COBEARRER RS . Flng “airir 7 o A
BRI RPERIEIE AT URARRE “47! 7 “AEE” o X RGRVERAPER “BLA P R PRig
WA EMER. BAh, MAPFRIE A A MVERREAIAT S, i “~ A7 o “o(N_N)o” BT E S
o SCABHEEMTENRG, A 11,751 264 Bk .

3.3. FIAMEKERAIT

AR 33 FH )42 python H 1) gensim A5 1) jieba /31 A HEATIX — 41 . jieba /1A AR B & — MR IE
F AR, RSO ORI AMLE 11,751 2B jieba HA 1 txt W # 5, s~ T 418,891 A
E .

SRR, JEA RS TE ) SR B AN ST B ], AR B AR R S B . TR A A
B2 AMEER R FENE, SRR . RS, eAER R RoR BRI S S AU
N EAIREY, Bl R, T We SR (EUR T S SN TG S S SOAE B B BR R £ 1
MR, FRANT R B IX L A BRI A AT A b o AR SCAE B A& e TR R, ZEX ML dh T ie
BEAT G B AR RO bR s SR 5 )5, A9 3R B A 1 1 2%, 3t 182,022 %%
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4. AR HAZHE
4.1. 1RRIAE 5T KHBURIRR

A5 PR JRAR] SIS SCARTERLEAT T U M A — P B 1 25 ELBAN I 34T 59 [9] o e IR A2
AR 175 JE ) 50 2 B A P 9] 2% A5 20 SCA AR IR BEAT L TRE B . AR 20K IR, VAR T
fio SRR AR X BT AT SCA B 1 45 SR AT I SR R B 10520 o R IR S 5B RIE L IR, X BTy
TP SCAGP K e AR 2 7 i) = 3 R A1) Sy 2 156 1] gt

Table 2. Emotional dictionary construction table

F 2. FRORHEMER

i HLA4 R PR AR % T2
THH R A ZE T SRR SR 5567 4469
NTUSD i A v S 1] it 2810 8274
HIP Hownet 7] it 4566 4370

XoF KA ST, 25 EE A AR RS 15 3 I AR ST A At A 3L B 23,633 MBI, LR AR R 1A
% 10,219, JHMIA%% 13,414 4,

PP A B B S, T LA 7 BT 1 R R a1 AR AT 43 o A SO S weight, X T T
TIRRAE A+1, ST BOARE A1, BhAh, TR PP RIE 7 24 B amend_weight SRAS IF 17 & ) .
UNTEDGERIE TR A, WESEEE L MELNIRETR, Wa2E5E, BLAAE L5,
RS R T . BT AR AR A BE 12 BRI T 2 /MA], RIS e iiE <. WA, WEAE &,
WRAER) TR v, WIERT LM, RAIWIEE MBS, 0 f  Ab FREE S~ 42 3 FoR:

At

Table 3. Partial assignment table of negative words

= 3. MoBE AR =

index_content word nature content_type weight amend_weight
1 iy B a pos 1.0 1.0
2 NG a pos 1.0 1.0
3 E5 v pos 1.0 1.0
4 18 a neg -1.0 -1.0

TR e AN KIS IS 5, n] AR 26 T AE 1B A S SR 1S 4y . AT e 0 I I A,
BABAE A KT 0 AN IEE YRS, AT 0 IBAMIEIFES, 2T 0 FE UL . R&EE
10,172 & 1BH A5 AN 0 PR IER) . S iBA)E0 E LI 4 frw:

Table 4. Score table of some comment sentences

=4 BoWLEasSR

index_content amend_weight ml_type
1 19.0 pos
2 5.0 pos
3 1.0 pos
4 7.0 pos
5 -3.0 neg
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Figure 4. Confusion matrix diagram of the prediction results of the
emotional dictionary method

B 4. fHRGRHEA TN L RAR EREFEE

17 B R T 45 SR R VB RE PR AN ) 4 PR . HIIRIEFERE TR, AR R PR SO 7 SR IE
Y 91.18%. HHMLAT UL, AR R R] 200 PRIR SCACE [ SR I RACR IS S PR HAR) o A R EL R Y 1
AT BE N RS TR HEAT 70 B hm i, AT LA 25 N LT albniE B
4.2. HLEREF SIS ABURER

4.2.1. KWL

B RIR : 7EE A i SRR AR A AR N SO B J5 AT VR TE R DA = Ee R i R
FMAREE, e B 2 S e Ay

AL EE . 1E0 SCATERL A jieba 43 ial A2 s A IS, OB o1 45 5 S NI ZREF ) word2vec A5 7 Hp
PEIUVEFAE .

S S TA . B A SR AR 25 DT . KNS SVM =Rl 82 =1 0732, Il ghad 5 o It B Se AR 43 2%,
FRAE 25 52 HIVPAG R FRNT 43 28 38 S R B AT VR4
4.2.2. GrIBJMEREITAL

PR EE AT DUS, FRATEARYE 20 K45 R v — B R R R MR 248, HEMZIPHSHK
BRI AR Y . I AR IR L MV R bR N HER % (Accuracy), HFIRUIT:
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Accuracy = TP+ TN (15)
TP+FP+TN+FN

£ python 1 A] LI scikit-learn 5,77 (#) accury_score it SR /2 K UERT R . ARSI 432K AR
B, WRPEAREE. SR, RATAARER(PRE). HFIFR(REC). F1{HIX =ANMEFRRME &5 K883
R A ERZ Y, 5lHASCHT B =FR FEFR 0 E X

AAER PRE 2 AR TN IE T 45 5, L 1E B IE T REASLE BT 00N M 1 T AR AS BT o Lo«

PRE = P (16)
TP+FP
H a2 REC £ XHEAS, R BT TR IE 1 R A A 2 /07 S0 OE Tl (A 1)«
EC=—" an
TP+FN
F, #& Accuracy il REC [RIRAIFI%L, 2 R, T8b5 beta 29 1 I FH:
Fiva = (7 +1) P TRVHREC (g)TP (18)
p*(Accuracy +REC) % (FN + FP)+(1+ °)TP
Beta y 11, F & XUIR:
£ _2:PRE-REC 19)

' PRE+REC
A3 HEL 1000 2000 A1 3000 25 PFAEE K> BT =k 0 25AR, 1208 7:3 R I ZREE RN IR 4L .
FAH R B MRE FVEAE 100 GEM PR PR IME, 880 =M E W 5 B

Table 5. Classifier result evaluation table

5 DEFBERITMEE

ERk BNB KNN SVM

#H PRE REC F1 18 PRE REC F1{8 PRE REC F11{H
1000  87.33%  90.45%  88.86%  84.33%  89.85% 87% 89.83%  95.64%  92.64%
2000  89.66%  91.14%  90.39%  86.89%  93.82%  90.22%  91.11%  95.73%  93.36%
3000  90.66%  94.33%  92.46%  87.16%  93.74%  90.33%  91.66%  97.48%  94.48%

M 5 ATLVE R, BEEERHEH K2, =R 2R i 0 RACRIEZH L . XRENIIZREN
A T IR B HRSAEE B0 2 BE A 2 i TE RO H RO g, AR 583, o R UIZRAORS Sl 2 15
FIRE. BEERSLRBAR AR ZE, SVM 7pK851 REC M Fy i m . XU IHE A TR H 1Y
%, SVM 73 REHEXTR R AL BRI AU EE —REFR MR /), HER D RACR I X 5 RIE[10]4E
XEBTREVRYT A VPR SOAS G I3 J A5 B 4518 — 20
4.3. IAEAIHL

Xt REEIC AL db PR REAT 1 = rT AL 204, AR AR = [ 20 0t 1) 5 AT 6 frs e MRV
WA = B BATT LA I, MR E AT AN RBUE . RUENE. #E. AU, M%) 4 a]iA B aF IR
TR . SRILBRATAT R, KT ANLA) BRI HRBLE CHLR AT TERE B RS WTHE
AE AR AT BRI A 2 MR s, A L S RSP b4, REETE ANLERAE AR A 2 5, X T
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Figure 5. Word cloud of nouns for positive comments

B 5. MRTeHBiEAEEE

& E%ﬁ N Mv&jﬂi%

Figure 6. Word cloud of nouns for negative comments

6. HRITILH R ITIR = E

X REEIANBHRF &, FATA UL BUX S PP A5 b s L P IR SR ™ i A B, T4k
THAE A R IE B VAN SEAR TS b o AR IR AN AR AE S VAN f0 H B vy, D RV 2t 2
FERT A PP Th & TV SR, (EX T 77 S AN 20 TA R . seAh, FRATHRAEE B 2 & Al
REZERM, 20k ITHES. DURAIIHA R TR S L.

4.4. LDA 51

4.4.1. LDA B SMEEIHAITE
7€ LDA EREL H A 2 A 7id, ASCE R TS [ 35 8R4 52 (R S 4R A 7€ i 0 AN 2K [11].
THEARSEAE AT DU o S8 T DL € £ B A8, AR EA L2 RS .
ARZARCABERGR K n 4823 [P AN RO n B AR Z R AR . e RPN A B S B R LA
A 1] B R R (B L) e i . 5E LA 2 (ALA, A) - B A& (B, B, B,) . EZIAIIARGEEEE T
FINR:

A.B éAXBi
Allx[[B n n
A 5 o

similarity(A,B) =

(20)

i=1
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AL SCBATAT AT, ARTRATDUE RO, IR S TR ks, xR A BT 4
BT

© s — O K IENERIG A, TS 5L T similarity (A B) kb

@ B kAR, EHNG, UGS similarity (A, B) Kb

® WH@, I E similarity (A, B) KR LTI F Kk {8

Pl 7 R TE T 0 60T P 4 A £ 22
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Figure 7. LDA topic number optimization diagram
[E 7. LDA ZEHSHE

T, A 2R 5L B R A AR, IE T IR TR 2R k B 5, GRS R 3R k
H2~9. DUk, X IEMPFeEdEM LDA, W LLEH 1My 5, S 8Ty 2.
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4.42. RBEANNFTEEMETROEE S

Table 6. LDA topic model analysis results of DJI UAV praise collection
= 6. KB ANGFITE LDA THEIER SR K

Topicl Topic2 Topic3 Topic4 Topic5
g LT AN U L g 3%
Ji (S 4F I 5T (XS

= FasE T sl N &
AP & 77 il 5% R
SN REYE Rt M 54
HAR E=DN Wi 4t NI
He 5 {I=KGS s #hHr Mg
AF 5y PEf B RER oty
T T R (RS e
Rl BT 2 (N AT

RERTC ANLEFIPEE A ZETFEE I LDA @A o3 i 45 S e 6 A 7 s o iR 4 ¢ 6 RER TG AWLIF U
£ LDA EEHM A& RKE, T8— “JIR” . “DME7 . M7 o COREE” S i Y o
TOREE SRR AN BEAR VPO W =, SO RS B e, AMBALSE, MRS, 1A T
—HOAT . EE O CRRIET . “RREMET . C“REUE” . AT WIRBUE R FE T REEEA
HUR) QAT AR5, R TN H R A A L0 A AT, BBRSETC ANLER 1 B RTRL S, 7RO H AL
FARDS, X AT AT IR AR B A . EE = “ahpR” P L YRR L <R
A — RN Th RIS I S A rh R SR A A RSN, BRI  . FEREPY CRR L “HRdRT . “UE
W7 S5 I N 2 TR AN B B . R TR LSRRI 9 0 T Ok
PR SR AR b R I R AR
Table 7. LDA topic model analysis results of DJI drone negative reviews collection
7. KBEANEITE LDA FHRBE S ERE
Topicl 7 3% BT AGF == SR AT (8] i JR A
Topic2 AN ks Bea £33 7 oW RE Hath MR BRI

MG 7 RIETAPLZ A LDA B M 45 30K E, 18— rh SR XN 11 47 H R0 T
REELAMUHE . AE0T. BCARIm. 45 S TCHU RS SRS &A% ST BL g 3], W 11 2
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