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Abstract

Accurate prediction of the procurement plan for air conditioning compressor components is an
indispensable link in the process of promoting lean management goals in air conditioning enter-
prises, which has important practical significance for reducing costs and increasing efficiency.
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However, in reality, there are still many air conditioning companies that overly rely on historical
data and past experience when planning procurement plans. This prediction method often has a
strong subjective color, leading to significant deviations between the predicted results and the
actual situation. In order to solve its problem, this study selected X Company, which is a repre-
sentative company in the air conditioning industry, as the research object, and combined with its
actual operation situation, proposed a combined prediction method that integrates grayscale GM
prediction model and ARIMA time series prediction model. The proposal of this method aims to
provide enterprises with a more objective and accurate procurement demand forecasting tool,
thereby helping them achieve more efficient operational management and cost control.
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Table 1. Calculation results of grey correlation degree for various indicators
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Figure 1. GM prediction results
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Figure 2. ARIMA prediction results
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Figure 3. Combination model operation flow chart
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Figure 4. Combination model prediction results

[ 4. HERBITUNEER

3.2. MEERIIEL

AN B IR = AR AT X EL oA, B S BT
KRS (RPN TR 25 A 3 4a i 2 MAE. $77R1% 2 RMSE, Hit AR T

MAE =3

i=1 N

SRR A g LN 2 BT

MEATLLE N, AR R T TR, XA — 2 BRI TR GM-ARIMA #4147
DAY o] 2B 4 S RS B, LT AR B R T8 — 1 GM 8L ARIMA A8, ] 910 HE W A Ot 72
WIT ) GM-ARIMA 20 & T A% A AR ) 58 2L B2 A n] 474k

DOI: 10.12677/0rf.2024.142231 1350 2 SR

(&1
Jtﬂ'\


https://doi.org/10.12677/orf.2024.142231

Y, B

10500
10000
9500
9000
8500
8000

7500

T T T A o A S T
R I A S I AR I R
w7 ol

\e) © ©

% © )

S o5 oS
NS NN AR AR N s

Ng Na

— T e—ARIMATIE e GMPIIMEL, e 2 5 T A2

Figure 5. Comparison of prediction results
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Table 2. Comparison of prediction results
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