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Abstract

With the proliferation of mobile social media, intelligent recommendation systems have become
key in enhancing user experience and optimizing the presentation of information. However, the
collection and processing of personal data involved in this process have sparked concerns over
privacy security and the behavior of information avoidance among users. This study investigates
the factors influencing information avoidance behavior within the mobile social media environ-
ment. By combining quantitative text analysis tools, such as word2vec, with qualitative grounded
theory analysis methods, this research analyzes information avoidance behavior and its underly-
ing motives on the Zhihu platform. Utilizing the word2vec model to analyze text data from the
Zhihu platform, the study identifies keywords related to information avoidance behavior and their
semantically similar words, subsequently revealing the deep-seated factors affecting information
avoidance behavior through grounded theory. The findings indicate that information factors, pri-
vacy concerns, perceptions of privacy risk, and the mobile social environment directly impact in-
formation avoidance behavior in the context of mobile social media’s intelligent recommendation
environments. Moreover, information factors directly influence the perception of privacy risk.
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PR A H AT RN, BHREHER: RGSE] VT 2R . ER REHER AT, Bahih stk
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RRAIE, SRS BIRBURRLR, JRMR LS B SS T B LA IR AR R, X — M L 1 2 i BOR
AR 2R R R [1].
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Table 1. Problem and problem description
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BTN FE T AZ M4 . Mikolov S5[8] A\ F- 2013 4 & X HE H Word2vec BB, iZBEAIR& T 1%
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2.3.1. BIETAE

H—, KRR SURP IR R W8 RS S5 AE SR, IR python 3FRT replace() ek g, i
MIENFRERDRE AR SOAEE . B, SEaEEMIEER, SETFRZ b rfE R TiE s, If
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Figure 1. Schematic diagram of the segmentation result

1. FRERREE
2.3.2. Word2vec #E&)k
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HHEWHN, £ ERE EaLIEE <Rl X —iliEkRE EEMEE” . 5 “Brll” EIE X R
AIAT 20 /M1AE WA 2.

Table 2. Top 20 most similar words to “Shield”
F2. 5 “RR &EPEIAT 20 MEiE

FAALIA B ARALLEE
HOR 0.6386719942092896
TR 0.6273844838142395
B 0.6160158514976501
i 0.6149133443832397
Koyl 0.6137115359306335
Y 0.6128097772598267
B 0.6126548051834106
e 0.611542284488678
LU 0.6097685098648071
WA 0.6095148324966431
=W 0.6093147397041321
L 0.6074248552322388
LA 0.6069480180740356
B=) 0.6060656309127808
R 0.6051051020622253
GREYN 0.6036606431007385
1 0.6010733842849731

TR B[] 0.6008128523826599
Hiz/ 0.6004482507705688

fF R 0.5977424383163452

e, ERORIRT, AR 5k

s AN R MR P TR REHERE R AR R HAIE

IR ORTE o XU SRR IZ AR AN W IR IR T E S BUT AR L RO BRAR,  BET i A A5 B IREAT Ay o

Hk, ARSI, o “Brim” “H” & “WR”, $8I0 T AT AT IR0 .
RGN S TS B RV, BN AR MR LR S AN RGTEEE, R
B AR R R . AN, 5 BRI R LR T RE S BUN PO I EEAE B Z IR, T £
i

FEARRI, WICI “YER” IR A« J 77 RE 7 AN N B B (5 BT
NN o X HT P AT RS T 1 FR TR A R SRR A A B, SR Bl R A5 5 ) S

BEAh,  “AEEEE” R TR R R RE S EUNE B R B R, Oy e e b N
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3. BRIt X FEHFEEHHEENE T EEMBIT A WERILR I
3.1. ¥LiRE

FURRERE 2 — FMNRERIE T BV R M R B A BRI 7T 050, L R S A LU A B g 1
FRESRIEAT, A& T 5 TAT MR R T 70 o 1230 5 A P (R R R S A A SCRR I
HOi i ARG =2 JTgmis. g% AL EE2wi5[10].

3.2. LIRS 4T

HARBR L AE B AN b RRESHLBIE R YESRE . Nvivo Ry —Fh s A 78, Ref
AROFFEMBIER RS, SRR RREREZERE. Bk, AHT7AH Nvivol2Plus
PR HEAT BH 1) 7 A A

3.2.1. FFismes

TEFF MG B, 1 Jeid BOZ A0 (A1 % N AT iy, SRESR A A EHES” LA AR 7 BT (kG
X WA TEA—BUIMES, SUAT IR A s 15T N AU, S BARER M — AN T i b3
WX R, RARBIIFEERH T 90 MIIEMES . WIAEMES I g ATR B L 3.

Table 3. Examples of initial conceptual coding

3 3. AR mAD RG]

(] P9 2 B B i ) PGS

PR FIAM LR TRZ R BRI, B
NBFIF B, TIERET KRN A

PR IR A P 2

app FAhE Sl URIA N AL AIRZ app BUAJT

BT A, VRIIRSE I AR T RSB N ThAE AR B T EERE R . W ILSe I A B EAEAE id. Bl KB
IR 82T ide i SN L, BACH LRI SR AR AR Sl kiR

G RPTUE B, AR L AR 1 UTHEE

XYM BT 0 AL, R IR AL FORE AN ] — 2 . ARYEAR SR SR S5 50T,
U ASEER S 12 DN BRI . FEARTEE I AR & W2 4 FR .
Table 4. Basic categories and initial concepts
4. BARSeBEMAIEHS
FARNE W HIaE &

e, P2RAEEE 2R, TR ZMAIE. ke, B, =WANE,
P, ATEEME. ESLME. PTRAC. WESR. BHE. = E. BU

F RN kR A ARG, AR RN WERBUL. 58505, EEMER
ERsSiiESEd WA EEL . HEEEAWLE AT R SNERAF. AFEIANELT

[ satad Wtz WORBUR A SRS . W BTk BB HERE RGN T
BRI el BUEYT. BN, SOERAT L
EH R WM NE BIEL . Bl AR B0 LIS B SE AR B 2464152 id
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I HUER 1. MBS REANANIRA . TEREKN RN AR 20608
TREL ORI SSRGS BIESIRR. REER
Fa A BRI G, Z5k(E BT, fathidSiil . #5B oxfar. 4 NER
BN, FIFF AR, SETEHSI TR, FEHEER. RERRHBIE.
1 AR 56 HRMEESRBGEES . SRR A SRR SRS BAET . AR ER L., H3E
Wy AL E. BESE. TTHE T
R X% FARABEBIAR . FARAIHEE . BB ARAFL. FARBRIL. FafME B4
BiwfE B S AT I = (e AN = K e Sl 1 e I P =
L ALY =] FAEE M. HOESHH R, FEREAEER
3.2.2. EHRG

%2 FOAHET word2vee YIZREE R HEAT 118 SUREAL IR 0 8, 000t T 5145 B AEEE S X F Al
ARIEAE, flan, WA, EE. 8L BE. IREET. A, SEEES. 46 LTk
RIS R A, 28 2 FUUN B9 OE SCALR CE T a8 AR 815 21 1 B8 I 3= iR S, ol
WA REIK . HUEE ) Az IR BRAMVE B4, IRBE . KEAR. B EEFESVIHG
M.

gx BRIt BT word2vec YIZRASERY (R AHABLIR 437 75 72 T DASE 20 00 b 2R AR FH P AE 78 Bl 4L A SRR
REAEFEIAEE T XS BB T N B R A 4, A5 BT AT SR G 1) 1 FEH2908 258 £ v (%) S Bt i AR 2
T P FURRBEAR 40 A 77 ik AT DR N T i3] 15 8 5 P SR A RN 5 A PN 2 RS2, s FH o0t {5 B R e
AT VAR RO RS, AT BE 4 T Hh 2 8 FH P 7 TN BeHERE I (AT il n) . 456 56T word2vec 1)1 25
BRI AR ACL IR o3 AT 7 V2 RN FLAR AR oM 735, AT DASE I B8 Bl 4128 WA REAHE 2 A 85 R (5 EEAT S 5
me Rl R R N B, A R HERE RGTE I F P (5 BTy B v FH P 39 2B T () e v AR Ak B 1t
S SRR R S .

TEEH GRS I B, @@ EAE TR AR N R, BV RO SRR A . i
REFEPEE T HA T EuN, ARG R R RAEDL. BRARRRERA, 32 G 38 s ST A .
BRI R 25 B W2 5.

Table 5. Axial coding
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R e KRN
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B fas £ 20 R R B R 4 0 5 2 T 00
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FEE AT B, TR AT M ELAL B (R A, KB O FERBIER. RO AR
R ARZET BB BB AT O B . @) A5 2 FON BRI BB RN . T vl ) )

RER R AL 6.

Table 6. Typical relationships between categories
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& B

E R~ A NS
— B fE B

FRENALAIN app,  RIYIR A AL BT R0 N A
ST SRR R S AR 95 R, &
EHHFER T BT, BASEEL A SRR B AR
IYHE RS app IR RIS ], B SREUER T
TeiEGE b A A L

CHAFPEE R R BLRSE S H . AR X,
HA E—AB KIS ER NI XD
i, AEE BT 2 7 S ]

TN FEL R BN S LA WHEE LRI
B TRERIA, e HA RN A, M
WEBBR#, AR T A R R8T A
fibler, AR HOHIE T —ME R 5.
KOEUIAE, ARBYE, BA. WEHZRRE L,
EANBICAMBERRTE, WY AENFAF K
R AR A2 R

i AR, AT L o ARSI R T, T R RS2 B B A
FEAZF 6 I ) B RS IR T 7 L KSR BEAT 2y, ] IR S5 PR 30t B Rl X
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Figure 2. The theoretical model of influencing factors of information avoidance behavior in
mobile social media intelligent recommendation environment

B 2. BRHREREREFETE TEERIT AR IME RIBIRIEE

3.2.4. BRIAME RIS

RIESLREBC I ESR, — B 2Bs S AT I, IF BB B B 4L -, PS5
MRS o6 R FARFEARAS, SR LAY ESIA S 7 HAN[11]. ZEREES 350 AN R & HEAT AL A TNt s
B 2K A B, BE—2 0 H A 33 ANEIE AT TR, VIR R IR RS e R LR . FEIL,
AHIE TR 2 (AR RS AT AR A B T S B R RIR S
4, Rt
41. EERHEE

fEEFE. BRSBTS EE T N EE G BN R, TREY, 52
BRI A DG B 5 0 P 25 22 RE PR 4R TH P 7 s 75 B AN 2 FE f e . F PR TAHMIR R & & A AL E 54
MNREFAY) G 145 B, A RBGBE SIS, 5140 B #cEs 72 NS B ) B A0S B . R, BIREiE
REGMEENAL, BIEREE B REMEZRENE, JRRE B RAT A i B
4.2. BaFAIEL

F P06 T HAE LR AT N BE T G WCE K B e 1 R 18 0E, XRMEAE B R T RS A & R
fEAERE. P AT AEim I A R R AL B . DR /D TR 2R Bl Bl 5 4 ikt Al FH 5L e 4k A0 AR Th R SR BRI B B 1 &
FRG o BRI, AT SRS & 75 N 5m B AL AR R i, G I 4 v B A TR ()3 B R T P SR )
RO 58 ] P 5 4E
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FE P TR 5R0 280 1 B R IS L2 M EL A R AT g o IR SRR AT RE IR T 1 5 B R BUR I AME AR B
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5. 51
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