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Abstract

By conducting detailed analysis and precise predictions of the demand for cold chain logistics of
fruits and vegetables in a specific region, we can effectively prevent situations of oversupply or
deficiency in the cold chain logistics system. This approach is crucial for strategically boosting the
progression of cold chain logistics for fruits and vegetables within the region. On the one hand, the
article takes the per capita consumption of fruits and vegetables and fresh agricultural products
multiplied by the number of population in Guangzhou from 2013 to 2022 as the forecast indicator
of fruits and vegetables and fresh agricultural products cold chain logistics demand, establishes a
gray GM(1,1) forecast model, and carries out the analysis of forecasting accuracy and analyzes the
development trend in the future; on the other hand, it takes the four factors of agricultural prod-
ucts supply, socio-economic level, cold chain supporting level, and the population size and con-
sumption capacity as the first-level indicators. On the other hand, the four factors of agricultural
products supply, social economic level, cold chain supporting level, population size and consump-
tion ability are used as the first-level indicators to construct the index system of demand influ-
encing factors, and the gray correlation method is used to analyze the main influencing factors of
the development of the demand for fruit and vegetable cold chain logistics in Guangzhou. The re-
sults show that the gray GM(1,1) prediction accuracy is 98.33%, which can predict the cold chain
logistics demand of fruits and vegetables in Guangzhou City more accurately; the gray correlation
analysis concludes that the socio-economic level and population size as well as the consumption
ability have the greatest impact on the cold chain logistics demand of fruits and vegetables, fol-
lowed by the supply of agricultural products, while the level of the cold chain supporting condi-
tions has the weakest impact, which provides a feasible paradigm for the research of the related
fields.
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Table 1. Demand for fruit and vegetable cold chain logistics in Guangzhou from 2013 to 2022
7= 1. 2013~2022 MR EIREKRE

Ay 2013 2014 2015 2016 2017 2018 2019 2020 2021 2022
WA T RE 12436 127.35 131.88 139.29 14448 148.31 159.04 16221 173.71 193.72

é%ﬁﬁﬁwm%,ﬁﬁﬁﬁmﬁw@%u%zw(”“1Zmﬂw B2 F-(0.834, 1.199) X 7] 74
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Table 2. Guangzhou fruit and vegetable cold chain logistics demand forecast from 2013 to 2022
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Figure 1. GM(1,1) model prediction results
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Table 4. Gray correlation of factors influencing the demand for fruit and vegetable cold chain logistics in Guangzhou City

T4 TN RIS VIR F KR R R KK E

— i fakx A4 IR FBEFE IR BRI
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e bt ey 0.845
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