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Abstract

Research purpose: The Internet has accelerated the dissemination of public opinion events on so-
cial media platforms. In addition to the rapid dissemination on text-based platforms like Weibo,
video websites are also important platforms for the escalation of such events. Existing research on
public opinion predominantly focuses on Weibo, with comparatively little attention given to video
platforms, and even fewer studies offering a comparative analysis between the two. Using the “Fat
Cat Incident” as a case study, this research conducts a comparative analysis of user topics and atti-
tudes on Weibo and Bilibili. Research method: Using TF-IDF to extract textual feature words and
weights, combined with LDA topic clustering to identify focus words and core topics; using Baidu
Sentiment Analysis API to compare user sentiment under different platforms and topics. Research
result: Weibo and Bilibili exhibit both similarities and differences in thematic focus and emotional
expression: 1) In the early stages, discussions on both platforms centered primarily around emo-
tions and gender-related issues. However, after the police report was released, Weibo shifted its
focus to reactions to the truth and broader public opinion, whereas Bilibili continued to emphasize
the emotional and familial impacts. Discussions on Weibo were more dispersed, while Bilibili’s
were more concentrated. 2) Emotional Expression: Negative emotions dominated on both platforms,
but they were more intense on Weibo. This heightened negativity is closely linked to Weibo’s rapid
dissemination and instances of opportunistic content for attention-seeking. In particular, negative
sentiment was significantly higher in topics related to “traffic and trending” and “online public opin-
ion” on Weibo. In summary, while there are notable similarities in the themes and emotions across
both platforms, the phenomenon of attention-seeking is more pronounced on Weibo, likely due to
the lower barriers to content dissemination on text-based social media. In contrast, discussions on
video platforms like Bilibili tend to be more focused and in-depth. These findings offer valuable
insights for social media management and public opinion monitoring.
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Figure 1. Research methodological framework
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Table 1. Top 15 characteristic words of Weibo and Bilibili
= 1. #iE. Bilibili $5{Fi7(Top 15)
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