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Abstract

The technical analysis method of the stock market has become a new hot topic in quantitative in-
vestment research in recent years. As an interdisciplinary field, data mining can greatly improve
the effectiveness of predictive research in economics. This article systematically applies data min-
ing techniques to explore key indicators that affect stock price fluctuations and improve the stock
return prediction module in quantitative investment. This article sets specific observation periods
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and trading strategies, based on 17 factors in the A-share market from January 2021 to January
2022. The FP-Growth algorithm of association rules in data mining is used to conduct association
analysis on the stock data of listed companies using Python programming language. Under the con-
ditions of a support threshold of 30% and a confidence threshold of 80%, 35 association rules were
mined. The empirical results show that the K-line pattern is characterized by a positive line and a
short shadow, high earnings per share, low P/E ratio, low P/B ratio, low P/S ratio, and high year-on-
year growth rate of total operating revenue, which have a significant impact on the future return of
stocks. At the same time, the effectiveness and feasibility of investment strategies were verified,
providing meaningful reference for stock analysis and the attention to characteristic indicators in
stock investment.
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ML o BT DA A BE JJ 4R bR AR BE S Fbrons et FoA R 35 R IR T 08, B3 e MVEY T8 g 0 U™
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1) AUTECN 1 RSRBRUN . S5 R B AT HEY, RO LA 2,

— I B AIREC 2849 Uk, MR SZRRREDY 0.66, Ut BAFE T A 3855 Hhsca: 24 H B B WO A 1Y
Ko i 5 I B YR B 2R ) 59 ]I HH LA ME 2R IA 3 66.25% . IS AR THE, 7R LT A E HIUBUE
I, BT S5 R b R LR SO R B R BRI 26, SRR ORISR R 593X — 45 R AT I F
81.10%. — 5T, R M EcdE b SEANAT Ay B 1B SN R B SR e i 4 R AR IS T R B
fLEWsHK, AFAEBPEAES . THHFRRELEEHE), KERRRY, B SAE
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Table 2. Association rules with a first item count of 1

= 2. B 1 B9KERAL

s HIT 351 Pyl BEH SCRFIE
1 791 2849 0.8109 0.6625

2) HITHCN 2 BIRERAN o 45 R BAG RE AT H Y, SR L 3.

AT R Rt H 2 AR R ELAE R, JERVE, b w SRR 5 2 15 A B e i R
RT AU R T A AER 3R, AR B3R, SRR 2 in . © AT ESCRIR 1, i
A 2 (RN 1. R0 2. R0 3. KU 4. R 6 SR 8 i EAR BT E SN [
KR m A — TR RN, BE R 2 H 28 N R EE A 3 i 70 ) 55 T 3K T IR, i
AL, WM s B R N RH SR R Rk K. @ HrmECy 2 MBI, REsE
PRI RBUEF ARG, EEETE KBS MR EEK T BB E. E R, mE R,
AR BRSO R P KRR IR N AL, B — AT DL SRR NIl bR, 2 Ll AR R
W 25 4R bt BUE SN R LS KR G S i v - AR, kiAW as R

Table 3. Association rules with a first item count of 2

= 3. B 2 B9 SKERAL

] HIT 33 S BfEK XWHE RS Hif 3 KA BfEE  RE

1 791,751 2219 0.8267  0.5160 8 791,732 2370 0.8127 05511
2 791, X32 2068 0.8239  0.4809 9 Z51, 712 2480 0.8107  0.5767
3 791, X6 2258 0.8213  0.5251 10 732, X42 1823 0.8048  0.4239
4 732,291 2343 0.8183  0.5448 11 791, 762 1944 0.8006  0.4520
5 751, X21 2289 0.8175  0.5323 12 X32, 712 2589 0.8005  0.6020
6 791,722 2421 0.8154  0.5630 13 732,712 3048 0.8004  0.7088
7 751, X61 2310 0.8142  0.5372
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3) HITHCKT 2 MR . SR BB BT HE, RBRHUN A& 4.

MR B2, KRG A 2 Hran T . © METATmECy 1N, sroison 3 maifh, SaE ke
W ASE R A R AE R 1. B0 2. BRI 3. RO 4L BRI 5. RN 6. RN 7. BRI 9, IXLELEIEH
BEEY R TATECOY 1 458 EERE, S0 NSO A B R i 5 R SCR BN Ky
AEZH A Y BN BRSO ACaE R m BER SER, X5 ESCRTIUEON 2 IMGEiH A b G5 iR R AR
FF—8. @ AIHHCN 3 BRI, RALFEAR 00 A 2 BUEE T 0 ADIRAS, BB K LB
LK TR Bl TR TR TR B SO R EEHEH A I 7SRRI,
BER — ] LA QPRI N TR AR, 24 b7 28 )RR W 55 bt B Ml s WSO () B 3 5 T 1 R AR
DTG R . XS BRSO 2 ST B aE R A R 2

Table 4. Association rules with 2 or more preceding terms
Fz 4. AUSIECA 2 LAERYSEBRAR I

] (IR KA BfEE XWE RS GRS KA BfEE  CRE

1 791, 751 2219 0.8267  0.5160 8 791,232 2370 0.8127 05511
2 791, X32 2068 0.8239  0.4809 9 Z51, 712 2480 0.8107  0.5767
3 791, X6 2258 0.8213  0.5251 10 732, X42 1823 0.8048  0.4239
4 732,791 2343 0.8183  0.5448 11 791, 762 1944 0.8006  0.4520
5 751, X21 2289 0.8175  0.5323 12 X32,712 2589 0.8005  0.6020
6 791,722 2421 0.8154  0.5630 13 732,712 3048 0.8004  0.7088
7 Z51, X61 2310 0.8142  0.5372

4.2. BREEHE

R LR B, ORI A AL of i SRR 2 AT — 5 BTN BE T O 1 ik — D IS UE A SO A S A 1)
BT RE ST, A4 300 BN IR IESE , WL FR AN IAE 6 AIE 4R Hh R B o
HARTI S, FEI0ESE i %t 25 b IIURCE ST RN, 45 280 56 UE BE o w1l ITA) S5 250 55 10 0 i) S e B
THELE RN B AR 2, RS R 5. £ 6. &£ 7.
RS REoR, WUESE AU IR 80% /A, BEALRIN R AT, [RIHERAE 45 SRAESE 1 G
FENE SRR FRAR T2 T P ) (2 9 e
Table 5. Verification results with a first item count of 1
5. BIIEA 1 HIIESR
U 75 FRI S5 B IS4 /RS
1 658 842 0.7814

Table 6. Verification results with a first item count of 2
%< 6. ATIECH 2 BIEIELER

A 75 ) S 457 TS5 i H 5 ) S 457 RIS M
1 516 650 0.7938 8 483 601 0.8036
2 348 430 0.8093 9 715 914 0.7822
3 483 601 0.8036 10 435 560 0.7767
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4 562 711 0.7904 11 440 572 0.7692
5 662 835 0.7928 12 703 901 0.7802
6 562 714 0.7871 13 877 1135 0.7726
7 638 814 0.7837

Table 7. Verification results with a leading number of 2 or more
7. BIVUECA 2 DL ERVIEESER

MRS BNSER AT R MRS BNSER AT o
1 460 573 0.8027 12 519 655 0.7923
2 430 572 0.7517 13 479 592 0.8091
3 320 396 0.8080 14 608 761 0.7989
4 431 533 0.8080 15 220 284 0.7746
5 463 575 0.8052 16 193 246 0.7845
6 333 399 0.8345 17 620 764 0.8115
7 333 395 0.8430 18 590 755 0.7814
8 520 646 0.8049 19 476 581 0.8192
9 469 585 0.8017 20 280 346 0.8092
10 508 625 0.8128 21 610 767 0.7953
11 494 627 0.7878

5. GRSEN

Pt BB FH AT RIE A EE W —, W RS BRAS W)W BB a5 32 B T2 2 5 H I K.
ARICIEHL 2021 A 1 ) % 2022 5 1 A EPR A T E B A w38 8, BLEREEN, 1
WSS P et 2t B KOG P52 1 B 17 J /N PEE [ 75 [ P B A7 328 380 TR P ol A e, M2 SR
BOE A, WA . KREES S S RHIE =7 AR BT, LR 17 MLy, 121
python SEBLZHERLRE, FIH] FP-Growth Szl BRI aE 5 5 8 MR IR A RO, R WIHBE 5
A AN AT ATV o S SR 2 4 R EAT BB My, W AR R N 4 g

1) i e RAE o AR ARSI, R HORHRAIN 35 2%, B 1 26 AT Ay 1 BRI
WL 13 25 BT 2 BRI . 21 25 AT IRBOR T 2 B9 SRIBRHLI

2) WRERTED T4 /G, BREME R PR 2 E S K RIS NHLSER T, R
s TRRAR TR T RAG BN A B R I N R E 5 3145 Wi (X SR R RFAE
ZHON 6 MRS .

KTEGACI TG R BEEBEE IR SRARI, AR R "o, MWREBERIPLAMARE
i e LK B B SR e B s (5 AL, BB P23 SR s I S A T B A P B SRS AR P2 AR Fr e ) LRI
f s AT SR BB SR MBS AR . JLUC, AR BB BRI, R DASGHE DL AR AL £
NGB NS o RIS IR TR A AT et I 7R EER BB I8 2 T I R 3K, Qx4 ] 1) & R g
A1 ATERTSE S 358 5 U AT A A APl . SR B RS R A b, R AR TEA
SCHR R BB 2 T e R AT PR 2 O b, I oy BB At 1 ) R i 5 BRI
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