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Abstract

Purpose/Significance: Telemedicine has been extensively utilized during the pandemic, preventing
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cross-infections due to public gatherings in hospitals and providing medical services to isolated in-
dividuals. However, the evolution of public attitudes towards telemedicine has not been thoroughly
investigated. Method/Process: We collected Weibo data from January 1, 2018, to April 30, 2024,

» o«

using “telemedicine”, “online consultation”, and “Internet hospital” as keywords. Employing a LDA
topic model combined with word2vec and a Bi-LSTM-Attention sentiment analysis technique, this
study examines the changes in public attitudes towards telemedicine before, during, and after the
pandemic. Result/Conclusion: The findings indicate that public attitudes towards telemedicine
shifted from mistrust prior to the pandemic to recognition of its importance during the pandemic,
and continued to favor its use post-pandemic. The proportion of positive sentiments has risen con-
sistently, while negative sentiments have decreased steadily. The COVID-19 pandemic has led the
public to appreciate the convenience of telemedicine, making it a preferred consultation method.
The experience of using medicine during the pandemic has enhanced public trust in telemedicine.
Moreover, concerns about privacy and medical insurance reimbursement are the primary chal-
lenges currently faced by telemedicine. The public calls for government policies and regulations to
support its further development.
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EFEEEST (Telemedicine, TM)J&—Fidt &b 27 24, il BE& L MS B RS, A M ARF(E
EHEARFE, BB AT N G0 B # 2 51697 e 1[1]. ImREEEIT R T4 R R Ak K A izt 1,
X (P EIT SR mT ot A R . R E, AR ST AR BRI &S 1997 4, M E K AT
AL T E A TUTFRER YT M [2] o (HR I FREE I H R JE 21 2018 A #E NI R R M By, TR TE B e
PN HHIR], = e VR o £ 10 v XU DX 3, e A BT A Kb 1 S DR A2 TR G B 1R AR, IF A b s
NBESRAE T B BT RS, MR T iz M [3]. 2020 4EE, A OH 29 NMEMEAL T 8 HnfE
I, mRREIT RS E R T 88.46%M ELATBUX [4]. (B FLIE I 26 A F R G T Hi 5 ) i 2o,
2020 - 6 HIREELEEIT A P UBLE R 2.7 12N, EHZN 29.4%, #b% 2023 47 6 H R EELE
ST PO 2 3.64 12N, 5 2020 4 6 HIGK T 8814 Ji N, fdiHZRILF] 33.8% [5].
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Figure 1. Analysis framework for public attitudes of the telemedicine
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HE, DI SCAEHE P EE T, RERT . WA E T ELAEE . S BREHRE
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EFE YT B 1) 0 S A R AR, A SO T RS LDA F1 Word2vec ) LDA-Word2vec =5 @R 5 54k
B, DRI R IR

(1) FEBHEEL . AL G TE L AT S AR, A RS T 2 B (R R 1 i o S B R A

(2) A EIZR. £ H Word2vec Y Il 25 AL 5 138 BHF 21 A & o

(3) F MM EA . N IR ] B ] ) ALY, 45 B F ORI & . RS, RS RN
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i=1

(4) FRAISCPETI G, A e VB ot AR S AR [29] 4 -5
Ly Ly _ sk by

”Lij " Liaaj \/Zinzl(l_ij )2 \/ZL('—W )2
Horb, Ly L, 2SI 4R 2 AR 38 A G S e 6 A

(5) RIARAL. X SCHR] 3] [F) B AT t-SNE FEAERT AL . [RIR, AP 5 A AR SZARADUE 2 1) 3 9 25 1
AL

3.4. {ERSHT
TEARWF I, FATFIH Bi-LSTM-Attention 175 87328 75 v 18 SCA B8 3E 47 VR N A5 B BT . G ]

2 PR BRI IR, 2R T — AR A TR SRS, Bt 1A OB HAS AT Bk 4
i, ARG TR W NE . BI-LSTM 2. HIER JJJZHM—A4> Softmax 7724

Topic = similarity =

@

correlation

DOI: 10.12677/0rf.2024.146548 469 BE 51


https://doi.org/10.12677/orf.2024.146548

fidfe, B

R SR |
ERIIR ( Self-attention Layer )
Bi-LSTMZ .%-—-—-

-ﬂ-ﬂ — -
/
TR N2
AT ( R " T )

Figure 2. Overall architecture diagram of Bi-LSTM-Attention model
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K =tanh @)
W,h, ®e,
a = Soft max(w' K (8)
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(4) Softmax 4328k . %L Softmax ZRHF AR A, BITINHN AT BRI ARSE . S ft
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b, W, WIEZH, by, NiWEZSH.

NS PPAl AR S A () M LR, ARWESUR A TSR U A A S AR AL B R 2 (SMP 2020) 2
TFSEBE P A R AR HE A B R AT I o i8R AR e R ZEEE 0 B 5 — B0 e B i A R
FRERHIEEAESE, BN E S SRR BT TERRE, B3
Wtk 7 49,374 SRS TR R GOIE SOAS, FErh A E i SR 605 41,374 SpE A, I 288 46 U605 8,000
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Figure 4. Visualization of topic extraction results
B 4. EFMREMESRTAL

PERG R SCA T IOy 6 A1, AR 2. T8 1 smif 1R BT 781948 I (8] AN s (R 1k 7 Thd
MIPLFs . SRBIIn “ R CAEIT AL BRI RO AR T BE NS> w2 (], R
WP QAT T . R 2 BRIER 5. 407 RS R BT SEREEAER T A
ARAFIZEREBETT e 25 FEPE NG BT 4 A M AME AR AT . R 3 RIS T 1R 55 110 J5 58 1 o0 245 VE Bl i R Je T«
CHHRT CHET O B g%%ﬁi?TA%‘i’ﬂ“?@fﬁ&%?&ﬁ@%E‘J%‘Ziﬁ%ﬂ%ﬂﬁﬁ‘]?‘%iﬁ LA
Lok DA 4 VE B 78 S 4R . 2 4 36 TR AL ANE 2 “REALT g RN R SR
i 2 I A NAE BORTER VI ORTE ?Ehum%z@fi&?%fﬁﬁﬁﬂ/ o T8 5 ifig 1 BRI BRI
AATML R R . SRBEI I “BoR” “TIRR” M R EE” A OCHR ] S tHONAT TR BT AT L BOR BT AR

REAL AR . 1 6 W RBCRATT I .  “IE” “BIR” M IR 45 H A ISR EETT
TP L PR B B ARSI B IR DT 5 5K

DOI: 10.12677/0rf.2024.146548 472 BE 51


https://doi.org/10.12677/orf.2024.146548

kA, ERR

PN I SCATT RN 7 AT B 1 i R R TR ER R P R E AR, ORI K
Gev “PnfE” O “RRE7 RWIEARLR ST AT PR IR, A B TR . 2 2 HE TR P
By N A RMMETER L Mg, Hd “BW7 “mAR” MRS SESCBERR T A AR
BT AR S5 A N . /0 3 [ P R 7 . SRR “HfERET ALY AN gzl R UTEENE I E]
B REBEIT IR ST B R AR AR AR S . B 4 TR T R R T AL DRI A e 4 el j. KB 1)
CHEPLT R RN “tER R T AT TG R ARE . E 5 R T BERIRBBUR . ok
] CBRERTCUREET AN R BOR T A AR AR BT N B ORIRAE B, O Bk 1 BUR XTI
IR o R 6 R7E 1 B IR BT AT ML R BoR BE D R i A o S an] “Ac e “4Bt” Al “4inll”
BT NI BIE R T AT RE R SR, W g B 2 BB Alk . F2 7 98 RIBURF X B AT b ) M i A
WAL R ANAEL. SCBIA “BER” “HTHT M IR SR T A AR IR BT AT L A AR T A R

Table 2. Topic identification results

=2 FIRAER

iy et pefie P E
i
T Yo LR Xt LR Yot
e T AW B R R B ..o HEE M
w1 T e rm g SRR ww o PR i ose g
SN R v P g e g T Rl R AV
o EE L REE L B RS R o R R
o EEEITE o man ek TEETH p v orm SERRS e b tibe
ML gesmmm wr ™ perma mx FEEF hwoem ore
L W% VS MR HE W RMC . BB M BT
wms MOERET e v mre TR e wamne SEET e mie
e TR VR A Rk I w0 L Wi %
) SRR R B % R (ot S T
=PI =YL= i1
A ORI T B ORE TY SR  TT R
o R WA AdsE e Bkl MR 15 fRpE iR -

TR Hm HHM

) W A5 27,
mrpry ook B AR e gy BORORS BOT e I AT (R
B AR B AR .

N s \ ﬁﬂima— — o "
wps LT P R A e PUURES pe s s
WA o e ok * B s i PO o e e
We ks Ho A g 2% SR ek S o g
e W R L e BEEWCFA o (EEE A
L6 Hgﬁ;;f; it R A %;"fﬁ; s HA SR &if’g%” Wi Bk
ik s AGE T R B el Wi 470 R
RS AT WK
, BURKE Y N
Hyi [irc =<
T e Al

R BT PR

PENE IR SO Y 6 AR 1M 1 I 1A IERE B T HERE RO, SeBIR ) “HfERE T BT M i
W7 ORE AN ERELIT RS AL . BB RS RYH, mARE T & Oy R 3 I 2208
B, AHIGTE BRI “H#2k LIRS AN FISE N 100 Ji#” 5 E8—RE MG, 1M 2 irh T
XHZRELE ST AR ST P A NS AN EHE 22 A4H e, Setiia) “Bikt” “HROL” AN CPRREET HRoR TR AR R
FIN BRI Z . R/ 3 BoR 1 EIR I BRI T R IR A AR R, DA R O $i v R T R 55 T B A
TUHR. REE “HRSST BT ORI “fERR” BoR TIZRRETIRGS T2 A . 2 4 B E T EARRER

DOI: 10.12677/0rf.2024.146548 473 BE 51


https://doi.org/10.12677/orf.2024.146548

gk,

FEMIR e, e A S g DR R AR XL, SRR “HRAH 7 B M IR RIK TR IR R BUR
53T A BOA IR . 8 5 SR 1 BCR I E NIRRT WA AR, A IR AT M
“RE 7 BEAIL T BUGAE LTS AT i ARE R T AT O P R AE, R T A A0 BT T R
BRFEERTE - T 6 RIE T HOR BB BE S WA B AT ML SR Y, e8] “ N TR RE” “ AT~
A CER” R T RHSGE A A0y By 7 B 7 AT M (K A Jr A R0 B Bl o

4.3. EFERL DT

N E— DR TR R 7 M ORG TAE RN BT 5 (0 3 LS, 45 & LDA U A H S B Je B,
TR A FER B U E R R AR GEAR U, b B SR I, a5 pos. B AR, 5
S P AT B s FRER A IEAE, B B L R HoAth R SRR . AR 5 AR, IR
FYRMESEMERIZCR” | “BARREAAE B 24" M “BORIRE 5 T, s i gt 5
EAPBICE T, BRITEORKE ST AR AR A AR A T, RO EOR” 2
PEIIEAZENG JF A Bl RSB S M TE " R RTA 18, BB S miE) T 2
PErE A 1 3. “HEREAE AR T 7 A RS (e B AR T R R RS SR A 1

Figure 5. Topic evolution sankey diagram
5 FRURUREE

i S AL I IRATR I S AR B A B A . B, EE T CImRREIT IR AR 18
AN PEE WA AR T HRERE T, RATEWONEENE R I R RR LR T o ENERT, A
EZNR BT AL LT I A IR LB A KIS o B e R Ja B A B s I, 4T
By7 IR, M HAERENS . @ THTRE& LHe, HEMESERAMELARE T RETE
KIEM . Betfa, BB o im e Ry A8 2 58 ORI 2 19 NN R RE BT IR L, T da A (s

DOI: 10.12677/0rf.2024.146548 474 BE 51


https://doi.org/10.12677/orf.2024.146548

fidfe, B

TRELIT - F34b, PENERT “ RS PREAMM L VEY 7 A QI A B R “ B R A5 2 24
MR8, BEMER NG “BORRE STiyMie” o REarReE <SS o “HHRE
Bt” & — RANEERAT GRS TR T ISR, Mgk EHIL “MZ 2, faiip” &g, A
AN ETHAR . B BE R, A PR AL 2L PR T IR 55 K A5 EAME A
XHE LR BRYT B2 A2 T BE ) OAMEARAIN 1 & RIS NS RARE I IIAME AR . BEREIIIA], 52 BB 1A
ALERELRST T 6 BHE), ORI A A Sh Bl sh i # 7 IZRE BT F B E N2 LA, X —rHA
IO NHI 2 E BB, FEABERRG. EE, RBAEETIRE AN TR KT
MRz, R FE SO AR BT T G M D, TR BT i B4, DOE 4R
P B R -

4.4. 1ERRSHT

FEABE T, BATRHAE R B 5 A T 2o J2 U 73 2 )5 (B BIA SEms . 141 6(a)~(c) o s
T~ e TR ANEE I Ja AN [R5 26 P2 A BB AT AS [ 38T B 1 25 0 A 1 Lo

PENEHT, SIEREERS TR T T 2 L s TR m R 2 . Horh, R RO T b R
IEE] 40.9%, T T TSR LL 22.4%F) 5 B H . BEBr B, A ARKIZREBEIT AR R 2 FEANTG
AT SRR B TR I AR BT OB AR B RV AR RS . BB A B, 55 IR TS 48 00k A i 55 A 146 AL
CEREERSTROH T, XL T ORI AR T R . PR AR I . S I R R R R
BT A AR AE LTI “ RS PR S M VRS 7 Y ig . XL ig LI AR T
FEAEM? 7 DA R RE GRS T RS 2 AN T SR EAL . AN, AR AELR PR A B S SV R LR,
Wy prid: W ERBEA R R REEEIE, SHIMSRATE .

E Y

40.9% 11.1%

44.5%
40.7%

I anger 0 fear neutral I anger I fear neutral I anger I fear neutral
sad [0 happyllll surprise sad [0 happylll surprise sad [0 happy B surprise

" i topicl
topic]
topic2 .

[ - ]
e .

topic3
o .

ot .
.- " .

topic? topic6

E
g

3
S
K

anger fear sad  meutral  happy surprise anger  fear sad  neutral happy surprise anger fear sad  neutral 1 happy  surprise

(a) et (b) FEtEHH (c) %M)e
Figure 6. Three-stage sentiment evolution
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