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Abstract

With the rapid development of artificial intelligence technology, question and answer model has
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become an important tool for information retrieval and knowledge acquisition. In the field of sup-
ply chain management, due to the rapidly changing market environment, complex terminology
and numerous related processes, traditional query methods are difficult to meet the needs of
managers and researchers to obtain information efficiently and accurately. Compared with tradi-
tional search engines and native open source LLMs, RAG-based intelligent question and answer
model can provide higher-quality answers and greatly improve the efficiency of knowledge re-
trieval. Therefore, this study proposes an intelligent question and answer model of supply chain
based on large model and RAG technology. It applies the Embedding method to build a vector da-
tabase of text blocks of relevant knowledge in the field of supply chain and search and generate
modules, design and optimize Prompt words, and improve the large language model to generate
more accurate and high-quality answers. The results show that the Ragas evaluation effect index
is better, the scores of fidelity, answer relevance and context relevance are 0.73, 0.8 and 0.83,
respectively. Compared with native LLMs, the model application test answer accuracy, profession-
alism, and portability have significant advantages. The model and data set can be fully localized,
and the data security is higher. The supply chain intelligent question and answer model based on
RAG proves that it can make full use of the large-scale knowledge base in the field of supply chain
management, combine advanced natural language processing technology and reinforcement
learning algorithm, and realize the deep understanding and accurate answer of complex supply
chain questions.
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Figure 1. Supply chain intelligent question and answer model structure
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Figure 2. Model accuracy test

B 2. #EHELERRENK

RAEE 2 from, B RRGRN “AE (PN ) AT, fREFam Ko 5wl 7a” i,
ARG REWGAEF B T iz . RGUEE R R R BEEAN R, 458 L FUEE, AT A
fIEE . HHFER, REEFE 7T ERARIE, WHEHZEERET (BRI —BhiEcE
TENE . RAUETR T RGNS SR LR SR T RE ST, A ROt o 1 (825 1032 W] ATR]
R RE . I FRAEE SORIR, P RERSTE A M 1 AR AR AT SR A HR , AT 41U [ 25 g Al P A T S
BIRE, RGUERI IS B T BRI HERRE L, BE A R T AR, SRR IMER S
HEER.

Hufiif, $585

2100535, Hey, MMiEiG20%, difiaithi20%, mAREEn ST 0%t

Figure 3. Model timeliness test
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