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Abstract

With the intelligent development of the transportation field, new service models such as traffic
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video monitoring, online fire protection (such as WeChat Jiangsu Fire Alarm Service), and online
120 (such as WeChat Chongqing “Video 120”) are rapidly emerging. However, at present, these
platforms cannot sense accident information and select rescue plans when dealing with highway
traffic accidents, and still require manual intervention, which affects the timeliness of rescue. In
response to this problem, this article proposes an intelligent rescue platform for highway acci-
dents based on deep learning. Firstly, through target detection and classification algorithms, it
accurately identifies personnel and vehicles as well as their types, and combines logical judgment
to determine whether a traffic accident has occurred. With the help of human pose detection tech-
nology, it judges whether personnel are injured. At the same time, it uses semantic segmentation
algorithms to detect whether there is flame and smoke on the road. It automatically determines
the accident level based on this information, activates corresponding rescue plans, and reports
the key information of the accident to the rescue unit. The intelligent rescue platform not only
solves the problem of delayed accident perception, but also improves the efficiency of rescue and
ensures the safety of the highway.
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Figure 1. Intelligent road rescue
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Figure 2. Traffic accident detection
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Figure 3. Traffic accident samples
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Table 1. The comparison of traffic accident detection with other algorithms
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Figure 4. Fire detection
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Table 2. Comparison between semantic segmentation algorithm and open flame detection data
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Figure 5. Fire detection result
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Figure 6. Human pose recognition
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Figure 7. Falling action detection
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Figure 8. Decision making system
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