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Abstract

The application of big data technology in corporate financial risk early warning has become increas-
ingly widespread. Based on financial and non-financial data of A-share listed companies from 2018
to 2022, this study constructs a multi-dimensional early warning indicator system incorporating
financial indicators, market indicators, and textual data. Using machine learning methods, the study
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compares the warning accuracy between traditional financial indicator models and big data-driven
models, validating the positive role of big data in enhancing corporate financial risk early warning
effectiveness. Empirical results demonstrate that the big data-driven warning model significantly
outperforms traditional models in identifying financially distressed companies and can issue risk
warning signals earlier.
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Table 1. Descriptive statistics of main variables
1 EETENEAMST

A pORIEER BIE bk % /ME H A2 I ON:]
BEPE AR 13,175 0.432 0.189 0.058 0.425 0.864
ROA 13,175 0.054 0.062 -0.125 0.048 0.236
WG K2R 13,175 0.164 0.366 -0.803 0.142 2.821
(R 13,175 0.623 0.285 -0.452 0.587 1.324
FaE MR 4 13,175 0.715 0.168 0.234 0.683 0.957
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Table 2. Comparison of warning effects between two models
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Table 3. Industry-specific warning effect comparison
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4.3. BEMKRI

NS TERE FESE R BRI SENE, B TE MR A B, SR R AR BOE =AML AT R @ AR g8 . fEFE
AEFE T, KW FE AR 2019~2021 4, HEBRE AR OR K 5 BAh R, R A 23 VLA
12 (PSM) EBT L HUREAS, iy DRAC B AT B A AR AE A AT ek . FEAR BRI, R KMV B 15
(I 2B B AE O B ARHE KU T B AR b, A5 KB Fi A U 2 b (0 SCA S TR 25O Word2Vee ] [ B A A
HURTH . ERRBOE T, SR BEHUARAR S 8540 XGBoost Sty e KRB T A, R P IR M

DOI: 10.12677/0rf.2025.153147 144 BE 51


https://doi.org/10.12677/orf.2025.153147

6 N H IRy 12 A H FHFTEAT I

Table 5. Results of robustness tests
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