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Abstract
In recent years, with the popularization of social media and mobile Internet, online public opinion
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on food safety incidents has shown explosive propagation. The public has been posting and discuss-
ing food safety issues in real time through channels such as TikTok and rednote platforms, forming
a public opinion field with social influence. This study takes the “3.15 incident of a brand of cassou-
let” as the entry point, and based on the video released by TikTok CCTV News at 18:02 on March 13,
2025, in which the State Council’s Food Safety Office issued a registered supervisory notification to
the Food and Drug Safety Office of Shandong Province and the Food Safety Office of Henan Province,
the time point of the incident was differentiated, and the video released by official media and enter-
tainment personal media on the TikTok platform was analyzed by using the text mining technology.
The text mining technology is used to systematically analyze the video comment texts released by
the media and entertainment personal media. The differences in discourse construction between
the two types of media are revealed through word cloud visualization, word frequency statistics and
LDA topic model, and the degree of audience sentiment polarization is quantified by combining with
sentiment analysis model. The results found that (1) the stage differentiation of public opinion be-
fore and after CCTV’s voice is characterized significantly. (2) The official media and entertainment
personal media formed a binary polarization structure in the dissemination of public opinion. (3)
Emotional tendencies showed significant changes before and after CCTV’s voice. (4) The LDA topic
model shows that there is a temporal and spatial mismatch in the focus of users of the two types of
media.
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1. 518

iR A A N R R B IRAE M E R S UUS, IR AS)HE A NBURIIIIZ . 7EAAC AR R Rl
NATEIA R, FAOIT & S HAS AR IR k. WS4k 5 BBl P, M O & i e A W4 B R
B R O RBEE AT LML R, B AR5 A RS AT 2 4 2 A2 1 v
[1]. it 2025 4 “3.15 K& s 3 0 B35 5 B AL R 4, R &b B, 02 T IGUE b &5 o)
TV 5, e I 51 S B SRR O, s R e A B I R EER J3[2].

TTAER, AN 6 i 22 4 I 245 BRI 1) Oy JiE 2 3 3 FH[3]-[5], (HIA 0 7L 2 SR AL T Alid 6] 555
FEGEAE AT IR, AT 6 WAL R 1 S5 15 B AR B = PR . 2024 S R A i 10 4% LIS A 72 7 722 N
P GRS HARE, 19 206 2 4 IR 2 B 1 oA g MR N A 7] 2024 AFBRER AR URT & IR U
M RRICHRANA R, 46 s Ay I, N AT LDA F U B 1) 35 s Ak 0 M 77 i, MmN
SRS IR0 AT 1) BEL RS 05 1 S A AE 22 [8] . 2024 4 G LM KB i “XUbn " FH A, 45 A B 1
WA FIEE AL, @ SR AESITES, WSS 2 A s EUE AL I B AR, DT
ARSI 51 B 22 4 ) 2% B R A i R 2, 4R @ A 22 Je P [R)VR B R BRI 42 [9]. 2019
G Xu S5 NIES M@ — AN AR RIS B g, ST T IS T AR HE B RN IE FE[10]. 2020 4,
Chen %55 T~ BP #4802 15 AU A 2 £ i 22 A BRSO A A4 [11] . 2021 4F, Lang %542 AL & BURME A B
Wi HOBE R, R4 T AR R ARAT AR, e A R IR SIS A B ) D) 8% BRI 1) OB [12] 6

BT XFFE R G, FESRr G EmAE. SRER. MR LS 2HEERNS R4
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RGBSR I, (RS R “IE e TS “R R 1B B RE[13]. JoHAEE
TR (DAURAERK 5 9 A03R) 5 B SR N (BB AR A ] SR N BRI — oot aifh, HE
A AR 22 5 T A BUREE 7 10 2 Ak A 1) IR0 RS VA AR 2, 5 e 2 S A% B 5 BB
B A H AR S RS S s, I R AUE . R RIE PR oG . XA AU AR
AOART R 2 AR G R 5 A7 A e, R AR A AR P 2 R i R [ 14]

2. MRFERIA
2.1, AT

TE F ARG 5 AR AT, SCRBARAE 2 B i) . B s B VA BT B A B o A0 R 40 AR A B ) SCAR
B A R B R I8, d s SOAR AL BE 1 77 2T DU A R S o kA, AN L
B B F e A 1[15]

ARV SCARAE B2 — ARSI BdE, R Power BI #E47 SCARTIALE,  AARWT T FR:

(1) ZBRAESCARESE . A8 5 PR TE MBS AR i F A7 7R TE F A 5 (B N 48 4745 . URL Hiuhik
T 55E).

(2) ZA= . 245 P AR A TE T8 SCRRIE T 78 73 S HLAR S A, i — 53 m i LA 3
Z.
(3) . X HRELEBENNARRE. PCAERRER, WA SE W X, ke
WA THEHE 73 BT (80
2.2. TF-IDF

TF-1DF {0 AR — i, G R B 78 SOAY o B 1) A By H B A0 o3 T 18 55— AN STRY R H AR 45
2, WX H I RG>, BT R R, X R EA RS S AAAF[16]. TF 78
TF-IDF H &R0, IDF RN I8 A SCR AR o TR &I 6 78 SCRS d 24 B B0 o b 19 X 43 g JT Rk
‘B IDF EERCR, BT BN T 6 SO Bt k> . TR-IDF A0 :

TF-IDF,; = TF,, x IDF, @)
TR =i @
ank,l
IDF, = |ogi 3)
\Umem}

Horp TRij /280, IDF /230 ) SCRY AR,
S

2.3. LDA =HiEE & FRE

LDA =Eif5% (Latent Dirichlet Allocation, 8 7ERkF] v 5 43 F) & — PPt T MER A i C B 2# S &
%, T M SCREEE A b B sh R B RS RS MI[17]. o0 AR B SO N 2 A £ MR R A, B
RN 2 IR AR AR 2 53 A, MTTT SIS0 KRB S AR BRI S A AR R I o FoAZ 0 SR B 5 5 AR E T

1) ARt Rk

LDA fB5 SCAS R AR R fig DL 2P BR

© 5 SO KR o 7 3 A1 A SR AR B — A A A

DR IR ({10t e )} ROASET Ik
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@ B TR AT P A T
) A% S L PR 1Y 43 AT R AR R R AR P 1] 1
e b, SORRIBRE A nT R NG, 0 SO - B0, ¢ N - LA ):
P(W'Zv9’¢):H?:1P(9i)HLP(ZLJ'M)P(Wi,j|zi,j'¢) 4)
2) TSR
LDA ZBSRNENT, 4 CRAATRERISE S, R R,
3) UL
RIS AR 3 DU S W7 B B O AT A SRR R B (0 A R AR B R R A S, A SR -
1T 1 o 5 7 S
PN 2K E (Perplexity) & — i FH R VE Al SR T 68 ) 1048 bR, &30 % H T4 5 LDA BIAY0 240 0l & 72
FE[18] PRI By vH B e T AL AR R KR, I8 et 7 B 2R S0of oA DAL 3 %9 SR Tl 4 e SR e A R (1) R IR LK
RIS
o
Perplexity (D) = exp[—wJ )
Zd:lNd
Horb: D RN, w, &30 d PR TE IR, P(w, )22k TR A TR IRE MRS, N, 2
R d AR AR AR, R SORY I OO RS B . e SR AR Rz AR ), RIS
TEREAR R

2.4. {ERESHT

1% B4 T (Sentiment Analysis) 2 [ 4815 5 AL BE(NLP) ATk — I 256 BT 5% . el oM CARK)
THEMWn, KA SCAFTRENSEIES, B RNIER. SR =, &0 E2E8
FETIRIE 22 ) W79 FE T AR GeHLAs 2% 21 (W 7 VA0 T 175 ) L (1 7 VA [19] 0 AR SR EE T Ab 2= DL 7 4
FEEM SnowNLP 5% SC A E 4 14T 155 18 43 A [20]

3. SCEESr AR
3.1 BEHARERT

AR BRI 3.15 T T E AL H 8 e A G B S —— RS T [2].

2025 4F 3 H, CHEWEVT T 2 R RE RGN NE, RIMADE S A i A7 KRR
M, R RS SR N T2, FRARCR BRI 3R G B e B 2R N . i & T E s R I,
Z K 1SRG N AN TR A TARMERGE, KETGUEME R HE% LK.

2025 4 3 H 12 HH 4, i MU AR BOIAE 7R, T2 95 5500 B2 1 DR H 30006 £ i 22 4 ) i,
AT ORVE 2 SO BRI . IR 2 B tH A RICE RS SN R TS 0 B I BT B
R, AFERMEAMTE. FH, FEEE IR B R BARHRE 5 5 R 5
AL W5 e 5 P B R i SR JE AR DG ), 117 3 W R N 2 B — I R I, DR
JER R, MEMEARE, SmEARE. T8, BRIERESROEER ™R eE. 3713 H, E
Bt 2 Ip ) L AR B 22 S p I R A B 2 SR R R Sl i, o A% A A B AR SEAT EE R
FIH, AMH TSRS RFR, 50 S AT A TS, SAAE R RTE# TEL. 3 A 21
H, &% “HampEmig s BEEL g Fiir, ESBae/r, M Rk WL R A 5 i K 54
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Table 1. Event key nodes
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2025 4E 3 H 12 HH4- Fe LR R AT B0 S
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2025 43 H 13 H*4 K I 55 B £ 22 I3 HE RV A . S M T T M A R [
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0 2% B AR IR AR AT o B AR 3R IR 0 A, Horb 3 A 13 HERRS Rk BT J5 T~ R, £3 J 21 Ha
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Figure 1. Baidu index for a brand of cassoulet incident
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Figure 2. Weibo index for a brand of cassoulet incident

B 2. KRG EHHIEHEYR

3.2. BUER&ESATE

AR R I P TE s AR TUCEL 3 “3.15 JEdh B NG A7, $IRR A BRSR AL, . PRR
B U RATI TR AR AT 20 K0, &R RAUETE . NRBR. Bratikss 6 ME 7k
[20], RUEM. s 5855 4 DNBARA NBARBT AT, SEit 42,878 2 5 SOREURAF N Bt IR (L 4
2)o HrpoORYE EEASERAR. B HX . HIP ID. PR NAE . PR SRR, AIH] Power BI 3E4T
AR S AL B A, BRI A AR TE R CRIPFiR[21], 453 35,032 s 1Fib ¥l .

Table 2. Media for data collection

2. REWIRRE

RAGEAR AR khes A B[] KA R
Bk " 2576.9 Jj 2025.3.12 11:09 https://v.douyin.com/i5ny29q6/ 22.3
RGH I B 3259.8 /i 2025.3.1215:49  https://v.douyin.com/spiPH8ZKiVw/ 6.3
EPAER BREMAN 24275 2025.3.12 19:03 https://v.douyin.com/t NOgol1FBgE/ 10.7
MASIESL  BERAA 1115 2025.3.12 19:03 https://v.douyin.com/iSnUmSAd/ 15
ST I B 1.7 12 2025.3.13 18:02 https://v.douyin.com/i5SnUXfY8/ 147.7
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NEE B 1.8 12 2025.3.13 20:29 https://v.douyin.com/iSWXtSpP/ 118.2
96 LT BAEDA 1271 2025.3.14 11:21 https://v.douyin.com/i5SnXE2dv/ 48
RUEL BRI 1806 Fi 2025.3.14 13:36 https://v.douyin.com/iSnXwyX3/ 2.1
SR PR BT 37832 F 2025.3.2119:38  https://v.douyin.com/Xs3u5s3HU3s/ 2.6
PRI £ BT 1629 Jj 2025.3.22 10:37 https://v.douyin.com/y1ZZbHkCdbl/ 2.3

3.3. B GO

IR “3.15 JE bR SENENS S SRR IR B T ARG RS N AR B AE BT, AR
FARCRIRGE TR (LT 3. & 4) Sl (L 3), e 24 5 B AR e, S Bt A B A 2

Table 3. Keywords before the CCTV voice (partial)
3. RMEZFERIXBRIA(ER)

PR FEHT - B 7 Ak PR FEHT - AR A NI AR
ESan TF-IDF ESan TF-IDF
Hh3 0.024461664 il gt 0.017197821
(ES 0.023122192 T 0.015344466
HF 0.01224285 A 0.014634074
sl 0.012221425 AT 0.014031028
s 0.01220835 XA 0.012667305
] fE 0.011756595 BAE 0.012578243
BIR 0.011141552 [ 55 0.0119906051
FH 0.0059119168 DA 0.0088086626
f ¥ 0.004995991 ot 0.0061174749
L 0.0003702349 (9 0.0035857057

Table 4. Keywords after the CCTV voice (partial)
4. RUKBERXEIAGD)

PR TG - BB PRLRTFE G - GRS NEEAA
ESan TF-IDF ESan TF-IDF
Bz a 0.030633044 AR 0.032335216
T 0.023152583 PiRIE| 0.018892569
Ahsi 0.021832814 ANHZ, 0.014915622
iE 0.018670375 HFE 0.010847247
JE 0.017948366 puY/sE 0.010794744
i 0.017175984 A 0.010752157
[ 3 0.017118569 T 0.0101637667
KAR 0.0158938323 T 0.0081767886
fs o3 0.0143190072 fs o3 0.0030991761
B 0.0080796204 AT 0.0008644563
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Figure 3. Word cloud diagram

3. IA=E

FE T7 ARG R NG AR b, TR IR B SRIRI R B 7 B DO T B AR A NS4 1) S B o
R, T HAE RAUA 5 BT GRS T “ iR A BARSGEIC U BIRCE T BT R . “Ab
LR R SRR AR T BRI IR A NI, R T AR R R 22 A f
RRIIORTE St “3.15 LR MRS AT 1. SRERE, BOTEA T PHE M T B, NSk
VAR 2R AN NJR T Bl 2 2 AR R, AR AR P 2R B as gL TP Ba S
MRy a, RIH RS THEL” NG ECERPREE” 5 R

FERMAFERT, “HhSE” . BT SRR B, “RRra”, AT SRR EE
WEED, R TR AR B M 2 AR AFERBER OB ERAMKE S, CRMEE”
R L CEET SRRENC LN, R T AR B 2 A N FLAN Qo R [ SR VE B R A E A
NI BT 7 B it 22 4 P 2 B TR R PRI ] K S UL (14 % IS A PGS s S B 1 B 50

3.4. XA

AR R VA S50, R LDA BEELHEAT R0 28, e 0 8 AR 75 Al B 7 Ak 0 SR A
N F B RHON 5, FRUR 5 B 7 R J 5 R A NI E /5 2K0R 4.

JE I AR R I A I I ORI (LR B) AR PR G A RO 28 R E BRI (LR 6) RILE
T BARFIIG SR A NIEAARER A “XS PR 7 R “R 3 £, 76 “XOPImE” F/d, Wi R
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A AT AT S &, R ALOKRGAPOLEE T R, W R (AR
SR “RHEAT GBI S KT s gede . Horh, AR o “BRART L BT . Ok
S 1T 9 ARG PE B 5 S S A AR

Table 5. Classification of topics before the CCTV voice
=5 RMUKFERIERSTE

SEE N - BTIAE SR - 55 AN
B0 =4 KRB (8 7) BS54 FREEIF (F7T)

) Ty N N N . B, 5. TR, B AL I
BRI 47| 5
BT 203% g 0, sl wiow, mei, st R 16T8% D, Fa. AT

AL REL B K. RIE.
IR, AR B B JRKX

Wb, 0. T8 i M
H‘ N

WRRIRIE 1987% 007 bk B, Kotr. W%
e L. HN. DU, R BB,
WA 1T82% e Wont e R FUE.
iz, B S TR, i
R M S BPTL. WE

M. PA. B, O, HiE. 1
[N Y NS % NN & SN = 1

ST N LTI - NS I N I N 1
E‘é\ /I\%IJ\ EZHIE]\ E‘E}‘\ Yﬁ%
EWRL R BOL. B WA
O BN 2EL BB, B

AL BB, EE. AR B
ZRMR. B, EE. WE, ek

X P ) R 20.81% S 20.27%
MRS T 23.93%
FHREH 19.36%

e 20.11% AR 19.66%

Table 6. Classification of topics after the CCTV voice
F 6 RMEFREESE

PR TG - BBk PR TG - AR NEEAA
FESE Sk R (347 FREE G R (347
s, . BEE. g AR BihEAe. W, 'R Bh. B
JIFEL K. BIE. LR B B, . TE. k. TRk, EE
LSO T N o N T ST/ SN —— R, RE, FE. BO. B3R
Vit BT Bk, e R OB 2995 e Thip . 2L ok
B WM. BR. PA. HL F B mf. /ANER JEE.L W, M
ATk, IR, NER. WIE. B

BAE . RARL RITTL . FHEE
ol W WE. R BE. B JE P B WOE. ER. B, T
R YOk, B, QiR

Bk BE O iR

e
Bo

W 21.39% i 21.37%

YA 20.81%

=

g

WG 19.87% R 23.44%

BURSCRF 17.82% B A 25.24%

FERZFEBER b, R 7B 2Oy s . “BEBE” . BT . A
7L “TUE” . ERRIE” AF, —TT RN TR eSO S E AR E T, ST AR I T
B A B, QR L RSN 5 DR e 4 3 B B 22 A e R (@ B LEE fB. BA BLIRE
Uf)o weME] “ BEAR R BEFEIEAIAL KR A R TR S BRTT Y AR, E R A R B R
Irke RMUK G JE B T AR E RG] Y R L R . AT L YTk . “lET . “eE
S, RO T A AU T B B R ISRy, o oclial “Mis” o “E A XN 2025 g i E
R CEETE), BERATH RAANGHE . BMIEEEETN. R IR SR B 3 Z O
R L OCRIEET L R L CEET L CSRTTT A, RPT AR LT L CRISE
CORBIMERL” S RGBT, RN SRR I A T, 02 N RO R IR SR
Ji o

LA RIS BB 7 AR R AL A 75 J5 5 SR A N BRI A “ R i B A, T SR A 75 TR
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FA NS B < PR . (E AR, EEREAE CaM . s .
B LCERRT L R . CE L BT L GEET . CBELT . CRSIEET BT,
DTN AR EET L T BT . TR S, TRE AR EE R R
FERT . CFET . CRIT . BT L IR . TR . BT ALK RS TR R,
57 TR T BT BRI BRI 36, RS AR 7E PP B R B S e, 7 U
SRR B ST 55 A AR P 02 25 U A

AE SRR T AR DT R, RS < R L IR L DT CHLT . O
R S, YT T AN “315 SMMBCRIS I 00, XA SRR RS R, o
PSR WSRO T VEIF SRR R . IR, SRR T ISR SR RO LE R R
fE BRI EM, EEREEN WET . CWET L N7 CHET . CRTT . BB
%, JoR TRICHNL WIS BT, EEERIEE A ARS S lEE S
B IENI L T . IR TR s T A SR B LA S, 0L R TR 7
SRR T BRI, EEREY CHLT . WL BB CHET . M
B LSRRI T AA BSOS AR U - ol - R A BB X
.

SRR B A A AR AE B 1R R, JF AAES MR AR, B 1R R M
16.78% £ 71 % 25.24%, U 50%. — 7 e T SBLITBUBARA 51 A4 0t £ 2 4 112 RO st
e, IR R R 53— O B AR R A B AT LB R 7R
BT, SRR SR T L R BB . U . IR
SR ONEE L BUUTT E A TV IR I RO AL R R SRR R B A R
BB L SRR . U . TR . CHEIRT . CELIET . R REERM “RT
IR CEART . CUUET T SRR TR ST, RN R . CBEEKT . U
7 X RATH A B YA ELIR R B SO AR ML A, IR A AN “ B SEAL” ST A 0
P

3.5. {FRSHT

I B T b 2= DUk 37 20 2505 1) SnowNLP 5 ) 3 SR A 1 BT A SCAS 048 AT 1 B B . A
SnowNLP( ). sentiments J7 23471584748, A 0 < sentiments score iy “VHICA” . 0.4 < sentiments
score<0.6 A “HErA” | 0.6 <sentimentsscore<1 A “FUGSCA” o g BLVL IR I FE 75 SCASHodE 75 I (O
R, G BEWSCRE N1, RESCAR N 0, BURCSCA R 1.

Table 7. Sentiment analysis results of selected text data
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Figure 4. A graphic comparison of emotions before and after the CCTV voice
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