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Abstract

The subjective well-being of older adults plays a significant role in actively addressing the chal-
lenges of aging. This study uses the LDA2vec topic model to perform topic extraction on articles
related to elderly subjective well-being from the CNKI database. By applying the TF-IDF algorithm
and combining the LDA model with the Word2Vec word vector model, the study delves into the core
themes and evolution paths of elderly well-being from a temporal perspective. Four key themes
were identified: “the relationship between elderly care models and social evolution,” “social rela-
tionships and elderly individuals in remote areas,” “elderly well-being from a cross-cultural per-
spective,” and “health and digital aging.” By calculating the topic popularity, the study presents the
trend of topic popularity over the past five years. Additionally, the turning points and first publica-
tion times of each theme were discussed from a temporal dimension, and the evolution of topics
across three time windows was visualized, offering an intuitive presentation of the topic structure
and evolution trends in research on elderly subjective well-being. In terms of research hotspots,
“mental health” and “social support” emerged as key themes in this field. Overall, the intersection
and integration between topics have continued to evolve, with research themes gradually diversi-

fying.
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Figure 1. CBOW network architecture diagram
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Figure 2. Research framework diagram of the theme mining of subjective
well-being of the elderly
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Figure 3. Trend of topic coherence from 2019 to 2024
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Table 1. Keyword distribution results
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Figure 5. Trend of topic popularity from 2019 to 2024
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