Pure Mathematics ELib#*%, 2023, 13(7), 2017-2023 Hans Xl
Published Online July 2023 in Hans. https://www.hanspub.org/journal/pm
https://doi.org/10.12677/pm.2023.137207

& S LinexX Rk TiEME 5 HEHAIBayes
&t

£ & RAHL
BT MR, AR B AT

Weks H . 20234F6 120 FHER: 20234F7H17H; KA HM: 20234F7H24H

wm B

AL EEBAT ARG LinexFRBR WBCT S A0 0 5 7040 %0 5 20 A6 RIE S H i Bayes it
E-BayesfiiitH1% EBayesftiit, FF@EdBUEBMULER T =ZFGTHEREBIERERE, HBayesfhiit i
FafR PRSI AR R R 1«

X7
H & LinexX R RE, WS04, Bayesflith, E-Bayesfdiil, £ )ZEBayesfliit

Bayesian Estimation of Inverse Gamma
Distribution under Composite Linex
Symmetric Loss Function

Lei Su, Juling Zhou*

School of Mathematical Sciences, Xinjiang Normal University, Urumgi Xinjiang

Received: Jun. 12, 2023; accepted: Jul. 17", 2023; published: Jul. 24™, 2023

Abstract

In this paper, Bayesian estimation, E-Bayes estimation and Hierarchical Bayes estimation of in-
verse gamma distribution scale parameters with prior distribution as gamma distribution under
the composite Linex symmetric loss function are studied, the robustness and accuracy of the three
estimates are illustrated by numerical simulation, among which the robustness and accuracy of
Bayes estimation are the highest.
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