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Abstract

With the surge of information, deep learning has become a key way to deepen knowledge and infor-
mation processing and improve learning efficiency. Based on the theory of deep learning, this paper
discusses the connotation of deep learning in the field of pedagogy, and designs the implementation
framework of deep learning for the adaptive filter prediction method. By applying this teaching
mode to the practical teaching of adaptive filtering and prediction method, the purpose is to im-
prove students’ learning effectiveness and satisfaction through deep learning technology, and then
lay a solid foundation for the improvement of students’ practical skills, the cultivation of innovation
ability and the construction of lifelong learning ability.
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Figure 1. Deep learning process design
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Figure 2. The process of adaptive filtering
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Figure 3. Comparison of prediction results for different N values
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