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Abstract

Aiming at the question of whether college students are willing to participate in science and innovation
competition, this paper probes into the influencing factors of college students’ participation in
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competition. The influence of many factors such as personal willingness, teacher support and compe-
tition bonus on the enthusiasm of college students to participate in scientific research competition is
investigated and analyzed. Based on the questionnaire questions and results, the residual neural net-
work is constructed to predict whether college students participate in scientific research competi-
tions. After training, the model has an accuracy of 94.6% in predicting whether college students par-
ticipate in scientific research competitions. In addition, the research found that the main factors af-
fecting college students to participate in scientific research competition are whether the credit is
added, whether the interest is the same, whether there is a teacher, whether there is a bonus,
whether there is enough time and so on. This model explores the objective conditions that affect the
enthusiasm of college students to participate in scientific research competition, explores an effective
way to cultivate college students’ innovative practical ability, and provides a useful reference for
deepening education and teaching reform in colleges and universities.
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Table 1. Strengths and weaknesses of the strengths and weaknesses analysis
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Figure 1. Schematic diagram of desidual block
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Table 3. Survey results quantified comparison table
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Table 4. Quantitative results of questionnaire survey of college students
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Q1000 3 5 1 7 7 1

3.2. E¥EE

FREM BRI T ZEBL IR/ K e, BUE A

v BRI SHOEATIES . ASCR

R ZEM 2 AFETR Y WLE . 732K8)E, HEAARS M E 2 s . IZREEECH 1000 2035 2%/
T 0.001. 15 BRFCRH AZ XA 51 5% B $(CrossEntropy Loss), MALHEK A Adam 59k, HIUEH IR N
0.001, Ak, HBFUZIERE 3 x 3, HARN 1, HLK/DEFE 50. CNN YIHIERESHARE 2 NE.
TEFTA IBHEREA T, 18 7T0%MIFEANE N IIZR S, ORI AENNASE, AR, AR,

A

> &
i X

NI & &

5 i B

5 it S

NI o5 &

A

A

N
3 B 5B

Figure 2. Flow of Residual neural network
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Figure 3. Plot of training process for the proposed prediction model

3. FriRth FUMAREN)IE

281 1000 XHINZx, P tE AR i) A B S C 2 R ARAE T S RS, R F SR TR 22 A2 55 2
BHSE3E, INZRRHERARIEE] 98.7%, WAELMERFILT] 94.6%. THMEERINE 5 Piros.

Table 5. Comparison table between predicted results and real results
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