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Abstract

This paper derives the expression of the linear least squares solution for the matrix equation AXB =
C by using the matrix straightening operator and the Moore-Penrose generalized inverse, obtains
the expression of the symmetric least squares solution for the matrix equation AXB = C with the least
norm. Finally, the applications of the matrix equation WX = Y in cross-lingual sentiment classifica-
tion are discussed.
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4.2. WiEE

ALK H NLP&CC2013 2B #5 18 5 16 7 K PFIAE 55 Bt 5, 12 80E SR A T i e v -1 &
IS DVD DU AR T s PR A « 2 a0 & 2000 Sk LT PE AT 2000 25 A7
PP, AESEEG R LE I RE AL OO B N IR B ISR . BB T8 1 .

Table 1. Comment on the text dataset

= 1. TR ARKIEE

EAE/E S RAFERIREG) PRI EE(R)
BOOK e 4000
FiE DVD — 4000
MUSIC — 4000
BOOK 47071 4000
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TRV ST R] i) 22 9 ) 2L R )1 0 4 1) ) e

SVUA, SRR AR R
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FEAZ 56 T [RIFER F 4 38 IR 732, I B 950k i fr) & 45 0] SEER 25 RS2 R/, % R 46
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M EARE T WZERERERE Y 73 IR, 40 PR EE 5 A B AR 1E S IIZREERI 59 50 AN 100 AM%,
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W B EE RS, DARK LA EE B A EAhn i, 1R B Bl iR E AR« 23 Al EUH 50
100 ANEVE A E bRE S AR, PRI ZRIR A FE YRS 5 A E AR E S i . R [ 2 pea
B, Fim] m) B4 300 4ERR4E 50 4EFD 100 4. Hoia ) SRR 4EE T 5 RRERRFF— 3.
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FEASCISRYE T, SR T 20 RS, ERB] T v i SEe R I 2 IR OB RE AR A e B 2
AEPERLRE T, RAZ AR 7 R8N SOR AT 5 15 5 16 I R AT IS RIB L4520, TR AR A ST 52
Kb EECRBUZ AR A >R E% . SKIRES R W 1 FR:

Accuracy of different classifiers

0.8 q

B LR
B SsVM
0.7 A GaussianNB
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Book DVD Music Average

Figure 1. Classification accuracy results of different classifiers
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Accuracy for Different Methods and Dimensions
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Figure 2. Classification results of examples I and orthogonal procrustes method
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2 WA T FIEAE procrustes 75K HZ# EIA(LR) 782545, £ BOOK. DVD. MUSIC %
P LI B 25 S . TESEIG Y, 1] R 4 300 ZEFE4E S 100 4ELL K 150 4. AT BLE H,
Tl YRS PR LE S 150 4ER LAS R R R, SULFEIR, S 1 7EFTA B 4R LR DL X
52, JUHAE BOOK HlE4E R IEA

S 1 sEER S R nlE 3 ps:

Performance Metrics for Different Dimensions

B 50D-Accuracy
I 50D-F1
W 100D-Accuracy

0. 100D-F1

Performance
o IS
b = &

o
N
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00 Book DVD Music Average

Figure 3. Classification results of examples II
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