Pure Mathematics 327, 2026, 16(5), 204-214 Hans X
Published Online May 2026 in Hans. https://www.hanspub.org/journal/pm
https://doi.org/10.12677/pm.2026.165144

DAL ¢ 1Rl TR v I DE

TES
ECDUR I Be SR, e 20X

Weks . 20264F3H23H; FHER: 20264F4H27H; KA HM: 20264F526H

wm B

H KoenkerfllBassett7E 197 8£E4& i /- ML BB AR B LR, A HEHELRE T KEKER, LEE
REER BEARKIRAL &, A8 E 5 KT SRS RGBT B A T AR R 2 —. H%
REE R BENETEEZESIFRABRF AT RIAR, AXZERFEAG DA BRI\ 2 F#
R, & TUHEgR, Bar DUH 2 [ M SRR, SRR E R =R B EBERRET 2T

KT
SIRIBEE, DU, 2 1R 53R S

Bayesian Spatial Quantile Regression

Yulu Ding

Basic Courses Department, Wuhan Donghu University, Wuhan Hubei

Received: March 23, 2026; accepted: April 27, 2026; published: May 26, 2026

Abstract

Since Koenker and Bassett proposed the quantile regression model in 1978, quantile regression has
made significant progress. Especially with the widespread adoption of information technology, the
research and application of quantile regression has become a research hotspot in statistics and modern
econometrics. However, considering the shortcomings of traditional quantile regression methods in
air pollution research, this paper attempts to incorporate spatial influencing factors into the tradi-
tional quantile model and, combined with Bayesian theory, establish a Bayesian spatial quantile model
to analyze the main factors affecting urban air quality in my country.
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Figure 1. Probability density distribution of LD with varying parameters
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