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Abstract

Data missing is a common problem in statistical research. Based on summarizing the common so-
lutions, this paper proposes to solve the problem by Gibbs sampling, and achieve this process
through the R language, so as to provide a new method. The experimental results show that Gibbs
sampling is an ideal method to deal with missing data.
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TT<-10000
chain<-matrix(numeric(),nr=2,nc=TT)
chain[,1]<-¢c(172.57,62.73)
for(iin 2:TT){
chain[1,i]<-rnorm(1,172.57+0.6873*(chain[2,i-1]-62.73),sqrt(23.9*(1-0.4862)))
chain[2,i]<-rnorm(1,62.73+0.7074*(chain[1,i]-172.57),sqrt(24.6*(1-0.4862)))
}
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Table 1. Comparison between the original data and the populated data

* 1 REESHEFEHIE

X ${E XTi% Y HME Y JiE XY BIAHR R 5
JEH 173.11 23.58 63.19 25.33 0.7042
Gibbs 4 17331 23.17 63.70 23.26 0.6467
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Figure 1. The planar scatter plot of populated data
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Figure 2. The histogram of populated height data
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Table 2. ANOVA (height)
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Figure 3. The histogram of populated weight data
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H [A]
A

Bt

SS
51.51623
45617.85
45669.37

df MS F

1 51.51623 2.256341
1998 22.83176
1999

P-value

0.133226

F crit

3.846117




Table 3. ANOVA (weight)
# 3 BERBENN(IFE)

ZEFIR SS df MS F P-value F crit
ZH [A] 78.31466 1 78.31466 3.217855 0.07299 3.846117
HH 48626.39 1998 24.33753
Bt 48704.71 1999
N
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