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Abstract

As we enter the new era, bicycle sharing has become synonymous with green travel and easy
health. However, any new type of business activity always comes with chaos in the beginning such
as barbarous growth and disordered management. Bicycle sharing is no exception. Situations such
as disordered placement and severe damage of bicycles are troubling the users. There are many
factors affecting the satisfaction of users. This paper studies the basic characteristics of users and
the objective factors that affect user satisfaction. Firstly, the independent test and the lining anal-
ysis are applied to the basic characteristics of the user, and the exploratory factor analysis and the
confirmatory factor analysis are applied to the influencing factors. Secondly, the Logistic model is
used to predict from the two aspects of the user’s basic characteristics and influencing factors. The
results show that there is a significant relationship between the basic characteristics of users and
user satisfaction. Safety hazards and green environmental protection have significant effects on
user satisfaction.
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Table 1. Five latent factors
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Table 2. Basic feature type of users
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Table 3. Basic feature test value
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Table 4. Principal component cumulative contribution rate
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Figure 1. Gravel map
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Table 6. Multiple linear regression parameter
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Residual 12,672.20 206 61.52 Prob > F =0.000

R-squared = 0.887
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Figure 2. Measurement modeling
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Figure 3. Structural Equation Modeling
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Number of obs =212
Logistic regression
LRchi2(20) = 130.607

—2Log likelihood = 388.418 Prob > chi2 = 0.000 Pseudo = 0.460
Pre Coef. Std.Err. Wald P>z [95% Conf. Interval]
Cont 3.330 0.787 17.910 0.000
F1 1.829 0.429 18.200 0.000 6.229 2.688
F2 1.856 0.530 12.260 0.000 6.396 2.264
F3 2.313 0.505 20.949 0.000 10.102 3.752
F4 0.187 0.442 0.178 0.673 1.205 0.507
F5 1.933 0.442 19.174 0.000 6.913 2910
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Table 8. Model structure
3% 8. Logistic fRBILER

Logistic regression Number of obs =212
LRchi2(20) = 130.607

—2Log likelihood = 388.418 Prob > chi2 = 0.000 Pseudo = 0.460

Pre Coef. Std. Err. Wald P> [95% Contf. Interval]
Cont 4.265 0.769 30.761 0.000

Fl1 0.758 0.367 4.276 0.039 1.040 4377
F2 1.619 0.510 10.057 0.002 1.856 13.727
F3 1.326 0.448 8.770 0.003 1.566 9.060
F4 0.104 0.427 0.059 0.808 0.480 2.561
F5 1.740 0.428 16.493 0.000 2.460 13.186
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