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Abstract

In order to integrate and utilize existing data better, and improve the marketing effectiveness of
TV program products, this paper processes the data of the watching information of TV users and
establishes the user preference model to obtain three preference types of each user, and then uses
the collaborative filtering algorithm to carry out personalized recommendation of individual us-
ers. In addition, we use K-means algorithm as well as the KNN algorithm to divide the users into
groups and obtain the recommendation of each user group, thereby effectively solving the prob-
lem of personalized recommendation of the users.
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Figure 1. Classification of television programs
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Table 1. Form of data processing
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Figure 2. The type of TV program
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Table 2. Matrix: “user-type-duration”
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Table 3. These preference types for each user
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Table 4. Recommended program for individual user
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Table 5. Clustering center of K-means algorithm
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Table 6. User groups of individual user
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Table 8. Recommended program package for each user group
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