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Abstract

To solve the problem of mood prediction of mobile Internet users, the subjective mood and
real-time heart rate fluctuation data of 40 subjects were collected. Independent sample t-test re-
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sults show that there are significant differences in the range of heart rate changes under different
emotions, which verifies the feasibility of heart rate in identifying users’ emotions. On the basis of
this, the paper proposes to use machine learning to build an emotion prediction model for mobile
Internet users. The success rate of the three kinds of emotions (happy, neutral and sad) was more
than 75%. The results also show that real-time heart rate data can better reflect the emotional
changes of mobile Internet users.
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Figure 1. Dual SVM emotion recognition logic
diagram
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Figure 2. The SVM classification results of “happy”
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Figure 3. The SVM classification results of “sad”
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Figure 4. The SVM classification results of “double”
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