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Abstract

With the spread of modern lifestyles and the use of personal computers for office work, sitting for
long periods of time reduces the need for physical exercise and can lead to heart disease. In this
paper, based on personal body information, classification prediction model is used to establish an
early warning mechanism for individual heart disease. Descriptive statistical analysis was per-
formed on age, sex, type of chest pain, resting blood pressure and continuous values such as cho-
lesterol content, resting blood pressure and maximum heart rate. Discriminant learning algo-
rithms, such as logistic regression, provide a new way. From the perspective of Bayesian prior, a
rigorous Gaussian discriminant model is introduced in the generation model.
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Table 1. Independent variable name explanation
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Table 2. Patient age table
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Figure 1. Bar chart of whether women are sick or not
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Figure 2. Bar chart of whether men are sick or not
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Figure 3. Bar chart of patients with angina pectoris
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Figure 4. Maximum heart rate and disease histogram
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Figure 5. The correlation between continuous variables
E 5 EERTEZERIHERM

3. &HFIRI St
3.1. HELNEN IR R

L T M )00 TN — A MR ) — o SR R PRTMEAE LR AR S G N T A BB i i e 2 i 1 vy 4074
BIHTIL] [2]o FESERmBTRI AT 1, 0 AR SRR I B IR 0 R 2 A SRR R AR RS A8 2 i DL S8 2 B
g, AR

P(VIX)=% (1)
P(x)=P(xX|yy)P(v.)+P(x]y2)(¥2) @)

N T IHEAES 2 HARRRIEIL T y =1 80 y = 0 WA, Hobm AN @), R X1
G343 AT A, i AT P (X) ATEAMGE — P B e H 545 o DRI AR B St 2 by LAl
T P(x|y) B P(y), AIXPEASEB o6 R ST P(y|x) RAEMRIRMBEAR . SRR BUE B IELF
DX a1l 3 40 3 o W ASE TR ) A BB

T A RN, AR S [ A B R, EE S MR R 45 R 25 Ry
BT AR D i R A TS o DRI A R 4 SR 3 — B R PP PR ARSI 58— o AT ) il
Ko JUTHERBEE DT AR, DXt AR | — BRI EbR . 3N RN AIXESRR. H
R0 5 ARVEAL B0 73 SR bt DATRVE RELFE (52 3) A% Lo 5l H 1

Table 3. Confusion matrix
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Train Result:

Accuracy Score: 81.82%

CLASSIFICATION REPORT:

0 1 accuracy macro avg weighted avg
precision 0.86 0.79 0.82 0.82 0.82
recall 0.74 0.89 0.82 0.81 0.82
f1-score 0.79 0.84 0.82 0.82 0.82
support 115.00 127.00 0.82 242.00 242.00

Figure 6. Experimental results of the training set
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Test Result:

Accuracy Score: 86.89%

CLASSIFICATION REPORT:

0 1 accuracy macro avg weighted avg
precision 0.86 0.88 0.87 0.87 0.87
recall 0.78 0.92 0.87 0.85 0.87
fl-score 0.82 0.90 0.87 0.86 0.87
support  23.00 38.00 0.87 61.00 61.00

Confusion Matrix:
[[18 5]
[ 3 35]]

Figure 7. Experimental results of the testing set
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