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Abstract

With the continuous development of the financial market in recent years, it has become more and
more important to identify risky enterprises before lending and effectively control credit risks.
This paper mainly studies the problem of enterprise credit risk assessment, and improves the ability
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of the model to identify problem enterprises through reasonable model selection and model opti-
mization. This paper first selects a reasonable model evaluation index system based on the actual
situation, and combines the feature selection and model training process through the optimized
random forest algorithm. Comparing the data performance of common evaluation models, the ex-
perimental results show that the model has better prediction effect.
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Table 1. Enterprise data format
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Figure 1. Algorithm flowchart
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Figure 2. Feature selection based on RFE
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Table 3. Model performance evaluation table
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it accuracy precision recall Auc
RFE-RF 0.83 0.97 0.95 0.687
Xgboost 0.76 0.87 0.84 0.535
Ida 0.85 0.86 0.98 0.514
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