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Abstract

Based on Bayesian inference of Markov chain Monte Carlo (MCMC) algorithm, this paper studies the
parameter estimation of buffered autoregressive models. The conditional posterior distribution of
each parameter is obtained through the joint posterior distribution of the parameters of the buf-
fered autoregressive model. Then, the Gibbs sampling and random walk Metropolis Hastings algo-
rithm are used to extract samples, and the normal distribution is used as the suggested distribution
to estimate the parameters of the buffered autoregressive model. The results of stochastic simula-
tion show that the method is effective in estimating the parameters.
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Table 1. Results of random simulation experiment
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Figure 1. Trace plots of 9000 MCMC iterations of estimated parameters
B 1. 9000 X MCMC &R fh TS 8 a0k E
= — = —
i | | ] -
(=]
2 7 [
2 o z 2
Z S g 84
o3 — D A=
a s |
s | <
v [
S
(o]
[ o
I T T T T T 1 I T T T T 1
0.15 0.20 0.25 0.30 0.35 0.40 0.45 0.74 0.76 0.78 0.80 0.82 0.84
Po Y1
DOI: 10.12677/sa.2023.121005 37 grit 5N


https://doi.org/10.12677/sa.2023.121005

FAHE

[ — R
= _
(=] -
S I
[
oy 2
z g z i
g £ g
- =
27 =
v
<o - [l
[ T T T T T 1 [ T T T T 1
02 -01 00 01 02 03 04 03 0.4 0.5 0.6 0.7 0.8
90 ol
— (=)
— S
3 _
o [ag]
(=) -
S |
IS o —
< |
— el
> > A
g s zZ
5§ 7 5 o
a = A -
=) o |
. h a
[ o 4 S I s S—

02 00 02 04 06 08 10 12 -0.5 0.0 0.5 1.0 1.5 2.0 2.5

Figure 2. The histograms of the estimated parameters
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