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Abstract

The development of new energy vehicles is an important measure to ensure energy security and
achieve the goal of dual carbon. The research team starts from the market status of new energy
vehicles, and conducts research from three aspects: the development status of new energy ve-
hicles, consumers’ willingness to purchase new energy vehicles, and consumers’ main needs. First
of all, the team uses big data text mining to draw a word cloud map of new energy automobile blog
posts and comments; secondly, based on cluster analysis, the target customer group is mined, and
five types of customer groups are summarized by using the characteristics that contribute more to
the purchased score. The analysis shows that women, about 35 years old, highly educated, corpo-
rate employees, urban household registration, high annual household income and fuel vehicles
without new energy vehicles are more inclined to buy new energy vehicles. Finally, a structural
equation model is constructed to study the purchase intention of new energy vehicles, nine latent
variables and corresponding observation variables are selected, and research hypotheses are
proposed. The results show that the influence of each latent variable on the purchase intention of
new energy vehicles is significant, and the latent variables and their observed variables are also
significant. Situational factors, new energy vehicle attitudes and perceived behavioral control
have a greater impact on the purchase intention of new energy vehicles. In order to further ex-
plore the influence of the observed variables of the above three latent variables on the purchase
intention, an XGBoost model is established to predict the purchase intention, and the changing
trend of consumers’ purchase intention is obtained. The results show that the government should
pay attention to the promotion of new energy vehicles, increase the construction of charging piles
and increase the purchase subsidy of new energy vehicles.
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Figure 1. Research idea diagram
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Figure 2. Word segmentation data graph
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Figure 3. New energy vehicles Weibo inscription cloud map
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Figure 4. New energy vehicles Weibo comment word cloud map
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Figure 5. Weibo comment attitude
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Table 1. Sample rejection condition
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Figure 6. Whether they will buy new energy vehicles distribution map
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Figure 8. Attribute improvement distribution map
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Figure 10. Population map
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Table 2. Model fitting index table
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Table 3. Model result
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