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Abstract

The purpose of this paper is to study the current consumption status of consumers in the prefa-
bricated food market, focus on the behavior of prefabricated food consumers, and summarize the
key points of consumer concern. Based on this, this paper obtains the review data of key prefabri-
cated food enterprises through a Python crawler, uses semantic network analysis and
LDA-coherence topic evaluation model to carry out text mining, and extracts multiple keywords as
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survey dimensions, in order to understand the factors affecting consumers’ willingness to buy
prefabricated dishes, and makes the following summary: consumer review keywords can be di-
vided into five dimensions: product quality, product price, taste and taste, simple and fast, and lo-
gistics and transportation. 73.62% of the reviews were non-negative, indicating that most con-
sumers are optimistic and expectant about the current situation and development of pre-made
dishes.
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Table 1. Part of the information crawled by a web crawler
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Figure 1. Statistical chart of word frequency of pre-made dish evaluation
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Figure 2. Semantic network diagrams
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Table 2. Sentiment score for some product reviews
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Figure 3. Sentiment score graph

E 3. BRSSIHE

M 3 HRRTUAE H, RS KEZ A4 0.8 8] 1.0 208, ZiitE3IWMIEE et 4613 %, %

DOI: 10.12677/5a.2024.133077 762 Gt 5 3


https://doi.org/10.12677/sa.2024.133077

i
-
S

TH2EvFie 12874 2%, BARKIBUNG. thitk SRS 45 %5000 & L an P 2~5 P

kS,
IR, 13.77%
26.38%

AL P
59.85%

Figure 4. Proportion of sentiment comments
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Figure 5. Topic-coherence plot with number of topics
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