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Abstract

In the field of non-life actuarial science, there are often a large number of zero claims in the data,
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and this zero aggregation phenomenon is called zero inflation. In insurance practice, there are
many reasons for the phenomenon of zero inflation: for example, some insurance products are
designed with a high claim threshold, resulting in many small claims that cannot be triggered, re-
sulting in a large amount of zero-value data, or the insured does not have an insurance during the
insurance period and therefore does not generate a claim. In order to fit too many zeros in the da-
ta, a zero-inflation model is an effective method. At present, most of the zero-dilation models used
to solve the zero-dilation problem in the actuarial field use traditional parameter estimation me-
thods for parameter estimation, which are limited to the finite-dimensional parameter space. In
this study, we use a Bayesian nonparametric model, which is a Bayesian model defined on an infi-
nite-dimensional parametric space, the size of which can adapt to the change of the model as the
data within the model increases or decreases. Therefore, the Bayesian nonparametric method is
introduced into the zero-expansion problem, which makes the model combine many advantages of
Bayesian method and non-parametric method, and has greater flexibility. It has important theo-
retical significance and practical application value for solving problems in the field of actuarial
science.
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Table 1. The value of the categorical explanatory variable
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Table 2. Descriptive statistical analysis table for number of claims
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Table 3. Comparison of goodness-of-fit indexes of models
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