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Abstract

Internet rumors are unfounded pieces of information that are disseminated through online media,
characterized by their aggressive and purposeful nature. They often emerge abruptly, spread rap-
idly, and contain sensational content that can easily incite public panic and unease. Investigating
the propagation mechanisms of internet rumors is crucial for promptly debunking these falsehoods,
providing the public with accurate information, preventing the public from being misled by misin-
formation, and thereby safeguarding the public’s right to know and their ability to make informed
judgments. This article introduces the mechanisms of rumor propagation, employing the SIR and
LSTM time series models to study the state and trends of internet rumor dissemination over time,
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analyze the patterns of rumor spread, and identify key nodes in the propagation network. This pa-
per is based on the real case of the “House Pension” rumor, utilizing two models to investigate the
mechanisms of rumor propagation, which holds significant importance for formulating effective
strategies to control rumors.
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Figure 1. The process of spreading online rumors
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Figure 2. Trends in the spread of rumours
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Figure 3. SIR rumor propagation model
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Figure 4. The SIR model fits the curve
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Figure 5. Analysis of the trend of rumor dissemination
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Figure 6. LSTM model steps
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Figure 7. The LSTM model fits the amount of rumor spread (days)
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Figure 8. The LSTM model fits the amount of rumor spread (hours)
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